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Abstract

We investigate the match between the field of study of workers, given by their education,

and the field of study required by the occupation in which they are employed, as described in

the Career Handbook, a dictionary of occupation titles similar to O*NET. The probability

of match increases with respondents’ education as well as parental education and decreases

with immigrant status and English language abilities. We document returns to field of study

similar to those found in the literature, even conditional on occupational skill requirements.

Upon an occupation change, fields such as arts, humanities, social science, business, physical

and life sciences and math and computers are all associated with increased aptitudes in

the new job requirement, providing an excellent argument in favour of the transferability

of skill imparted by education.
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1 Introduction

There is little quantitative evidence about the transferability of skill imparted by the post-

secondary education system. In order to construct a measure of the transferability of human

capital, we look both at the demand for skill, as embedded in the skill requirements of an

occupation, as well as the supply of skill, given by the link from the field of study into those

occupations typically associated with a field of study. We define match quality as the dis-

tance between skills associated with the worker’s occupation and the skills associated with the

worker’s field of study.

As long as post-secondary institutions produce trainable workers with good cognitive abil-

ities, after some initial occupation mobility we should see workers settling into jobs that they

are well-suited for. In terms of the lifecycle profiles, we should expect an improvement in the

quality of the match by field of study . Put differently, the large dispersion in wages by field

of study observed soon after graduation shrinks over the life-cycle. We offer as one possible

explanation the fact that part of the worker skill is transferable and workers move towards

jobs where their skill is an increasingly better match.

The field of study is a major determinant of returns on educational investment and career

paths. We start by using Canadian Census data from 1990 to 2010 and data from the Survey

of Labour Income Dynamics (SLID) to document differences in returns to education across age

cohorts by field of study. We consider separately apprenticeships, community college two-year

degrees, and university degrees.In terms of wage benefits, the top three fields of study for

men are, respectively, Business (13.5% higher wages relative to Other fields of study) , Math

and computers, and Social sciences and law (12% higher wages) . For men Humanities and

Agriculture are the only field with negative returns, but these are not statistically significant,

while the benefits of Arts degrees are positive (4% higher wages than Other fields of study). For

women the most lucrative fields of study are Physical and life sciences , Math and computers,

and Business, while wage benefits to Arts are zero, negative to Agriculture, and positive to

Humanities. In terms of the impact of field of study on unemployment, Arts for men and

Humanities for women are associated with higher unemployment and more weeks not in the

labour force.
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To document the extent of skill mismatch between field of study and occupation, we use a

mapping which indicates what occupations correspond to each field of study, and investigate

whether recent graduates end up in the occupations they are trained for. Over the lifecycle,

we document the magnitude of the mismatch between field of study and occupation soon after

graduation as well as later on in their career lives. We should expect that recent university

graduates may be switching occupations more often now than fifteen years ago. As long

as universities impart general skill, wages should go up following an occupation switch by

university graduates, due to the transferability of the general human capital. We should also

expect to see graduates from Arts and Humanities as more likely to be working in unrelated

occupations, but nevertheless experiencing a healthy education premium on average.

In our Canadian data, the field of study consistently matching the one demanded by the

occupation is Business, management, and public administration, for which there is about 10%

probability that graduates from this field are more likely to end up in an occupation where

Business is also the field of study demanded by their occupation. Other fields of study which

also show a positive match with the occupation, albeit to a lower degree, are Social sciences

and law, Math and computers, and Architecture and engineering. Graduates from Arts, from

Personal protection and transport, and in some specifications Education fields, seem less likely

to work in an occupation related to their field of study. In terms of the level post-secondary

education, university graduates, either at the Bachelor’s or at the post-graduate level, have

better matching probabilities between field of study and occupations. This contradicts the

popular view that, since a two-year community college program trains students for a specific

occupation, these gradates are going to be better matched in their employment.

Surprisingly, when the match between the field of study and the job requirements is self-

reported by respondents, almost all field of study are reported to be a good match with the

occupation, except for the Business field. The self-reported match is the opposite of what we

documented for the objective measures of field match, which raises a note of caution when

using self-reported match probabilities.*

*It is common to use self-reported match probabilities between occupation and field of study in datasets
where this information is readily available, such as the Canadian National Graduates Survey. The analysis we
report here flags the problems with self-reported match variables, and invites caution when interpreting those
results.
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Demographic characteristics also have an impact on the quality of the match. The prob-

ability of a positive match increases with respondents’ education, as well as with parental

education. While parental education acts to some extent as a proxy for unobserved innate

ability, in this context it may also reflect active guidance from parents in choosing a field

of study. Being an immigrant, or even a second generation immigrant (Canadian born from

immigrant parents), has a negative effect on the match probability, but only for women. Hav-

ing French as the first language has a positive effect on the match probability, potentially

indicative of a better selection into occupations and industries by French speaking workers,

since the language effect disappears when controlling for industry and occupation. Speaking

another language than English or French has a negative effect for men, even conditional on

immigration status. Since we do not control for ethnicity in these specifications, language

could potentially pick up some of the ethnicity effect.

When investigating the exact match between the occupation and the field of study of a very

recent graduate, the exact-match is lower compared to that of the entire sample, reflecting the

fact that for young workers it may take a while until a better occupation match is realized.

Unlike the analysis for the entire sample, for young graduates a higher education level (such

as post-graduate)is associated with a lower match probability, potentially indicating the early

career timing in the estimation. Sample sizes are also much smaller in this case.�

In terms of the skills required by the workers’ occupations, most field of studies are posi-

tively associated with the general aptitudes demanded by the workers’ occupations, with the

exception of Architecture and engineering, Agriculture an natural resources, and Protection

and transportation, fr which there is a negative correlation with verbal aptitudes Business,

Physics and life sciences, and Match and computers are all strongly associated with increased

numerical abilities demanded by the job. Women seem to work in lower aptitude jobs, except

for verbal and clerical skills. A bachelor’s degree, and in particular a post-graduate degree are

very strongly associated with higher job skills, in particular verbal and numerical ones, and

�Another potential difference stems from the fact that for the young graduates sample from SLID the field
of study is encoded in the same way for educational attainment as well as for occupations. This is not the case
for the analysis on the entire sample, either in SLID or in the Census, where we need to employ a cross-walk
between the field of study of the recorded education (CIP, Classification of Instructional Programs) to the field
of study linking to occupations (MFS, Major Field of Study). This cross-walk introduces a source of variation
which can actually improve the quality of the match by expanding, in a probabilistic sense, the set of potentially
matched occupations.
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lower skill jobs in terms of motor and physical skills.

General and verbal abilities associated with the occupation have a strong positive effect

on wages, of about 7% to 10% wage increase. Conditional on general aptitudes, numerical

aptitudes have a smaller wage effect for women. Even conditional on occupational skill, about

half the fields of study continue to have a positive wage return, such as education, business,

social sciences and law, architecture and engineering, health, and for women physical and life

sciences. Other fields such as arts, humanities, agriculture have either a zero or a negative

direct effect on wages, but even so they still have a positive effect on general, verbal and

numerical skills, which in turn have a positive effect on wages.

Upon an occupation change, fields such as arts, humanities, social science, business, physical

and life sciences and math and computers are all associated with increased aptitudes in the

new job requirement. This is an excellent argument in favour of the transferability of skill

imparted by education, be that liberal arts or STEM-science oriented.

2 Literature Survey

2.1 Education,Skills, and Field of Study

Well documented in the literature is a wage gap between university graduates and high school

graduates. Caponi and Plesca (2009) find that portions of the gaps between university and

college educated workers, as well as college and high school educated workers, can be explained

by ability bias. However, they find that there remains substantial wage gaps, even after

controlling for this bias. The data used in their research is from the Canadian General Social

Survey, where they use parental education in order to control for ability bias.

Lemieux (2014) also looks at the wage gap between university and high school graduates in

Canada. He decomposes the university premium into three different effects.The first effect is a

general productivity effect associated with an increase in human capital. The other effects are

both matching effects, with university educated workers being matched to occupations where

productivity is more sensitive to skill, and to occupations that are more congruent with their

field of study. Data used for this analysis comes from the National Graduates Survey which

contains information on recent graduates such as, their fields of education, occupations, and

earnings. Census data is used in order to compare the earnings of high school graduates with
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those of university graduates. Lemieux(2014) also finds that there are large differences in the

university premium depending on the chosen field of study.

The returns to education across fields of study is also the subject of research from Finnie

and Frenette (2003) and Giles and Drewes (2001). Finnie and Frenette (2003) use the National

Graduates Survey in order to compare earnings of university graduates across disciplines.

The results are in line with those of Lemieux (2014), as they find that there are significant

differences in early career returns to university across disciplines. Furthermore, they look at

the distributions of earnings two years following graduation, as well as five years following

graduation. One of their findings is that graduates from fine arts and humanities programs

tend to have lower earnings, but that their earnings increase relative to other graduates over

time. The authors suggest that this may be a result of these programs conferring more general

skills upon their graduates, which in turn leads to these graduates being more likely to change

occupations and gain promotions over time.

Drewes and Giles (2001) use data from SLID and find similar results to those of Finnie and

Frenette (2003). Graduates from humanities programs are found to earn less than graduates

from more applied programs early in their careers, but that this gap decreases over time. They

also find, as was suggested by Finnie and Frenette (2003) that graduates from humanities

programs are more mobile across occupations, possibly a result of having acquired skills that

are more transferable across occupations.

Caines, Hoffman, and Kambourov (2016) find that workers who have completed appren-

ticeship training programs in Germany move into higher skill careers more often than otherwise

similarly educated workers who have not completed such programs. These results such that

these training programs confer general skills that allow workers to move into different occu-

pations.This is result is similar to what has been found in cross-disciplinary research on the

university premium.

Altonji, Kahn, and Speer (2014) provide a link between the literature on returns by field

of study and the literature on skill requirements. The results of their research suggest that

approximately two-thirds of the variance in returns across college majors can be explained

by the skills used in the occupations that graduates end up in. In line with the literature on

polarization, they find that abstract task intensity of the occupations where gradutes of a given
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major end up in is able to explain most of this variance. They also find that the returns to

abstract tasks increased over the period from 1993-2003, a finding which also supports earlier

work on polarization. The measures of task intensity by college major are constructed using

data from the DOT, following the approach of Autor and Dorn (2013). Worker level data is

taken from theNational Survey of College Graduates from the years 1993 and 2003, and the

American Community Survey from 2009-2011.

2.2 Skills, Tasks, and Technological Change

The literature on the assignment of skills to tasks finds that technological change over the

past several decades has favoured workers with cognitive skills. This skill biased technical

change raises the demand for these high-skill workers. The literature also looks at more subtle

consequences of technical change, such as employment and wage polarization. This section

provides a brief summary of the results and methods from this literature.

Autor, Levy and Murnane (2003) (ALM) suggest that computing technology is a substitute

for workers who perform primarily routine tasks, since these tasks can be automated. This

technology, however, complements workers who perform cognitive non-routine tasks. In their

empirical estimation, they find evidence supporting this theory, since industries which had

adopted computing technology have had decreases in the routine task intensity of occupations

within that industry, alongside to increases in the nonroutine cognitive task intensity. Sim-

ilarly, Acemoglu and Autor (2010) find that computing technology has changed the relative

comparative advantages of different categories of workers in performing different tasks. They

find evidence that the comparative advantage of high skill workers in tasks previously per-

formed by medium skill workers has increased as a result of technical change. As a result, the

demand for high skill workers has increased, while the demand for medium skill workers has

decreased, with their wages adjusting accordingly.

In their estimation, ALM (2003) construct measures of the intensity of tasks in occupations

using data from the Dictionary of Occupational Titles (DOT), and match this information

with worker level data from the U.S. Census. The DOT contains information on the task

requirements of occupations. ALM use this data to construct a scale of task requirements

which serve as proxies for routine and non-routine manual tasks, and routine and non-routine
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cognitive tasks. Their scale is measured in percentiles of the 1960 task intensities across

different occupations. Instead of using task measures, Acemoglu and Autor (2010) use broad

occupational categories to represent different task categories, and verify that their choices of

occupational categories are appropriate by comparing them to the measures from ALM.

Autor and Dorn (2013) expand upon the work of Acemoglu and Autor (2010) by finding that

commuting zones with higher routine task intensities prior to the computing era experienced

a greater degree of polarization later on, as these tasks became increasingly automated by

technologies complementing high skills workers. The growth in employment and wages in low

skill non-routine tasks is the result of consumer preferences, which results in an increase in the

relative demand for such workers compared to workers performing low skill routine tasks. The

authors used data from the DOT in order to construct the measures of routine task intensity

at the commuting zone level.

The results of Caines, Hoffman, and Kambourov (2017) suggest that the type of occupation

is able to explain part of the employment and wage growth trends over the past few decades.

The complexity of an occupation is found to be a strong predictor of the growth in employment

and wages for that occupation. Once the type of the occupation is controlled for, the routine

task measure is no longer significant. Their data on occupation type comes from the BiBB

data set of German workers, and these occupational categories are mapped to U.S. Census

data.

Research by Green and Sand (2013) finds mixed evidence on polarization in the Canadian

context. They find that polarization in employment occurred during the 1980s and 1990s

much as it did in the United States, but that the polarization in wages does not seem to have

occurred. The wages of high skill workers grew relative to medium skill workers, and the wages

of medium skill workers grew relative to the wages of low skill workers. The latter finding is

different from what was documented in the American literature.

2.3 Mismatch

The literature on skill mismatching looks at mismatches in terms of level of education (qual-

ification), skill levels, and field of education. Overall, this literature is focused on the losses

associated with mismatching, both at the individual and aggregate levels.
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Adalet and McGowan (2015) look at mismatching of skills and qualifications as explanatory

factors for cross-country differences in labour productivity. Although having over-qualified or

over-skilled workers may be desirable from the perspective of a firm, at the economy wide level

these effects may be negative if other firms are able to employ these workers more efficiently.

The authors use data from the OECD’s Survey of Adult Skills where they compare the reported

educational level requirements for jobs with the education of workers in those jobs as a measure

of over (under) qualification. Likewise, they use literacy scores in order to measure over (under)

skilling, among workers who self-report that they are appropriately skilled, those between the

5th and 95th percentiles of this distribution of literacy are labeled as neither over nor under

skilled. The authors find that there is a negative correlation between the presence of skill

mismatching and labour productivity, which is supportive of their hypothesis, but lacks the

rigor of a formal test.

Montt (2014) uses data from the Programme for International Assessment of Adult Compe-

tencies’ Survey of Adult Skills (PIAAC) to compare demand side and supply side determinants

of field of study mismatch, and to look at both individual and aggregate costs of this mismatch.

3 digit occupation codes are each matched to one of 9 fields of study. If a worker with a given

field of study is in an occupation that is not assigned to that field of study, they are deemed

to be mismatched.

Summmerfield (2014) finds that overqualification is cyclical in Canada, with the relative

demand for manual labour as opposed to cognitive labour increasing during economic down-

turns. He uses data from the Labour Force Survey on worker characteristics, and obtains data

on the qualifications and skills required for the occupations from O*NET.

2.4 Soft Skills

The literature on soft skills discusses the role of noncognitive skills as determinants of both

earnings and outcomes, as well as educational attainment. Lavecchia, Liu, and Oreopolous

(2015) review literature from behavioral economics and neuroscience in the context of subop-

timal investment in education by many individuals. The central conclusion that they discuss

is that the part of the brain that is responsible for long term planning does not fully develop

until an individual is an adult, which can explain the suboptimal investment on the part of
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teenagers. Koch, Nafziger, and Nielsen (2014) also review literature on soft skills in terms of

educational attainment. This literature includes evidence that females are often more averse to

competitive situations, and may self select out of these situations, which can have consequences

for educational attainment. They also talk about self-control as a determinant of educational

outcomes, as children who exhibit greater self-control tend to perform better academically later

in life.

Eren and Ozbeklik (2013) empirically examine the effect of noncognitive abilities on earn-

ings. They use self-esteem and locus of control as measures of noncognitive ability. They use

data from the National Education Longitudinal Study (NELS), where 10th grade scores on

these measures are used as predictors of noncognitive ability. To reduce measurement error,

8th grade scores on these measures as used as instruments for 10th grade scores. The authors

find that noncognitive ability is a predictor of earnings in the lowest quartile of the earnings

distribution, but not in higher quartiles.

3 Data and Methodology

We use several sources of data in the analysis. For some statistics on the wage premia by

field of study we use the public Census data for years 1990 to 2005. Given that the version

of the Census used here is the public one, these results are easy to replicate. We also use the

Census data to compute the conversion matrix between the two different ways of encoding the

field of study encountered in the data, the Major Field of Study (MFS) and respectively the

Classification of Instructional Programs (CIP). We use the Canadian Survey of Labour and

Income Dynamics (SLID) together with information from the Career Handbook to study the

extent of the match between filed of study and subsequent working occupations, as well as the

link between field of study, career mobility, and the type of skill required by each occupation

as determined by the Canadian Career Handbook. The SLID is a longitudinal survey where

individuals are followed for up to 6 years.

3.1 Career Handbook

We extract two type of information from the Career Handbook. First, for each NOC occu-

pation, the Career Handbook lists from one up to four fields of study that are most likely
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demanded by that occupation. We use the Career Handbook field of study to inform us about

the demand side of field of study, and to investigate how it matches with the fields of studies

pursued by workers in their education.

The other information we take from the Career Handbook is related to skills, or aptitudes.

We consider six skill measures: General ability learning (G), verbal ability (V), numerical

ability (N), spatial and form perception (F), clerical perception (Q), motor co-ordination, finger

dexterity, and manual dexterity (M). In defining the aptitudes for each occupation, the Career

Handbook uses a scale based on the normal curve representing the Canadian labour force,

where 1 represents the highest 10% of the working population; 2: the upper third, exclusive

of the highest 10%; 3: middle third, exclusive of the lowest 10%, 4: the lowest third, exclusive

of the lowest 10%; and 5: the lowest 10% of the working population. We aggregate some of

these related aptitudes into single measures: spatial an form perception as one measure, and

also motor co-ordination, finger and manual dexterity as another measure. We use a separate

measure for physical strength required by the occupation: heavy, medium, light or limited.

3.2 SLID Data

SLID is a longitudinal dataset allowing us to track individuals for up to six years. The longi-

tudinal nature of the data makes it possible to follow the career progression of individuals over

this six year span. Depending on the age of individuals, we can observe the career evolution at

different stages of the life-cycle: for early graduates, as well as for mid-career and late-career

workers. We have access to the usual background characteristics and job information available

in good survey data. For background characteristics we use information on age, education,

immigration and ethnicity, current marital status and family and household circumstances,

location information, and information on parental background and education. On the job side,

we use information on workers’ employment, such as wages, occupation and industry. The

longitudinal nature of the data may allow us to construct full job histories for the respondents;

nevertheless, for the purpose of our analysis a panel on jobs is not necessary; all we need is

an indicator whether an occupation change had occurred since the previous interview, and

wage and occupation information related to the switch. We link the occupation variables to

the skill measures from the Career Handbook data The data dictionary available for SLID
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lists two ways of encoding information about the major field of study: MFS and CIP. The

MFS was collected from 2002 until 2004, only for those respondents enrolled in school during

the year of reference. Information on CIP was collected between 2002 to 2006. While data

dictionary suggests it was only asked for individuals enrolled in school, fortunately, for most

respondents, it turns out that CIP information is recorded even if the respondents acquired

their highest degree in the past, even twenty years ago or more. To be able to exploit the CIP

information we used Panels 4 and 5 from SLID, which interview individuals for six consecutive

years starting respectively in 2002 (Panel 4) and 2005 (Panel 5).

The main variables of interest refer to individuals’ education: highest degree achieved and

field of study. We aggregate education into the following categories: high-school dropouts,

high-school graduates, non-university tertiary (community college, CEGEP and vocational

training), university and post-graduate degrees. For the field of study, we use mainly the 12

aggregated categories from CIP, such as for instance “Education”, “Social sciences and law”

and so forth. While CIP has much more refined 4-digit categorizations for the field of study,

for the purposes of this analysis the aggregation makes more sense because it is tractable and

it allows us to investigate the relationship between field of study and occupational skill. To do

so, we merge into the SLID data the information from the Career Handbook in the following

way. The Career Handbook provides a mapping from each NOC occupation into (i) the fields

of study (MFS)most commonly associated with that occupation� and (ii) the aptitudes and

skills needed for an occupation.

For each SLID year we know the occupation of the individual at the beginning and at

end of the year. We can generate a direct measure of the match between the field of study

associated with the start occupation and the respondent’s MFS field of study, and likewise for

the end occupation. While we generate this measure and we investigate which majors offer

the best occupation fit, the MFS measure is only asked for a small subset of individuals who

are enrolled in school at the time of the interview. Because of this data feature, the direct

measure of match between field of study and subsequent occupation can only be computed

for a small subset of recent graduates. A broader match measure available over the lifecycle

�Typically there are 1 or 2 fields of study for most occupations; with 3 in some cases and 4 fields for one
occupation.
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is based on the probability mapping between the two field of study measures, MFS and CIP,

as detailed in the next section. Instead of an exact dychotomous (0-1) match between field of

study (MFS) and occupation-demanded field, we compute a match probability measure that

is based on the probability match between the MFS and CIP fields of study and it is lined to

the same occupation-demanded field of study. Because the Career Handbook provides a link

from ccupations to aggregate field of study indicators, there is no need to use the ore refined

field of study classifications available in SLID. Moreover, besides field of study, we also map

the associated skills from the Career Handbook into each occupation, start-year and end-year.

In the analysis part we investigate the relationship between an individuals’ field of study (CIP)

and the vector of skills demanded by the (start or end of year) occupation. We contend that

the skill content on the demand side of the occupation distribution is a good measure of of the

skills that the market requires from a post-secondary education.

Besides education, field of study and occupation, we use other covariates in the analysis,

accounting for personal and job characteristics. From the personal background information

we control for age, marital status, children, immigrant status (first and second generation),

ethnicity, parental education, province of residence. The information on the job side is most

often used as dependent variable, such as for instance unemployment incidence or duration,

wages and wage changes. In some specifications we may control for industry, although there is

a degree of endogeneity in using industries which stems from the selection of individuals into

occupations and industries which is related to the choice of field of study.

3.3 Field of Study

According to Statistics Canada, MFS refers to “the predominant discipline or area of learning

or training of a person’s highest postsecondary degree, certificate or diploma. The major field

of study classification consists of 10 broad or major categories. This structure is, in turn,

subdivided into 109 minor classification categories and 480 unit groups.” (Statistics Canad

1995). The CIP also refers to the predominant discipline or area of learning or training of a

person’s highest postsecondary certificate, diploma or degree, and follows a similar classification

into major and minor groups as the MFS. For instance, the CIP classification structure consists

of 13 major categories or primary groupings, 12 of which are used for the census (the thirteenth
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category, courses taken for personal development, is not used in the Census). The main

difference between MFS and CIP is their historical relevance. MFS has been the field of

study categorization for 1990, while the CIP is the classification of choice for year 2000 and

onwards. SLID records information on the MFS for some respondents who are enrolled in

school in 2002 to 2004; as such, from SLID we have some restricted information on the MFS

for recent graduates. Nevertheless, (and contrary to what the SLID dictionary indicates) the

CIP information is recorded for almost all respondents with at least some post-secondary

education, even if the education occurred many years prior to the time of interview. The

availability of CIP information is extremely useful in studying the link between the skill changes

associated with occupation mobility and the filed of study. While CIP’s availability makes it

the preferred measure for field of study, the Career Handbook links each occupation to up to

four MFS. Because we want to exploit the link between occupation and field of study (MFS)

from the Career Handbook, but most of the information we have in SLID is encoded as CIP,

we construct a cross-walk between MFS and CIP based on tabulations from the data.

The cross-walk between MFS and CIP, based on Census 2005 data where individuals’ field

of study is encoded both as MFS and as CIP, is presented in Table 1. It refers to the aggregate

groupings from MFS and CIP. For each of the 10 MFS field of studies the table reports the

corresponding fraction of degrees encoded by the 12 CIP field categories. The last column

reports the total number of individuals who in the Census show as having graduated from

each of the 10 MFS fields of study. For example, there are 34,340 individuals who in the 2005

Census have the MFS filed “Educational, recreational and counseling”. Out of them, 75.19%

have a corresponding CIP field of “Education”, with other relevant percentages assigned to

“Social sciences and law” (7.3%), “Business, management and public administration” (6.45%)

or “Health, parks, recreation and fitness” (10%). The highest percentage from one category

of MFS encoding to one category of CPS encoding comes from the MFS field of “Commerce,

management and business administration”’, for whom more than 90% are encoded as “Busi-

ness, management and public administration” according to CIP, with the rest of possible CIP

fields concentrated at about 3% each as “Social sciences and law” and respectively “Health,

parks, recreation and fitness”. The last line gives the percentage of observations in each of the
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CIP fields.§

This cross-walk is used in the analysis to generate a measure of match between the indi-

vidual’s post-secondary education field of study (CIP) and the field of study required by the

occupation (FS), as recorded in the Career Handbook.¶ Its advantage is that the CIP is asked

of all respondents, and not only of those respondents enrolled in school, so we have a larger

sample, more diverse in terms of age, career progression and occupation distribution.

3.4 Methodology used in the analysis

The main contribution of the paper is linking the supply side of skill, as measured by education

and field of study, to the demand side as measured by the skill and field of study requirements

associated with occupations as collected in the Career Handbook. We start by documenting

the benefit of education for each filed of study.

Field of study match: supply and demand side

The Career Handbook records, for each occupation, the fields of study most often associated

with that occupation. Some occupations have only one corresponding field of study, other have

two or three, and in very rare cases even four. We refer to the field of study coming from

the Career Handbook occupations as the “demand” side of the field of study. The “supply”

side of the field of study comes from the field of study corresponding to the post-secondary

education choices of respondents. As discussed above, the Career Handbook uses the MFS

(Major Field of Study) encoding for the field of study. SLID asks the same information but

only for individuals currently enrolled in school. Because of the panel nature of SLID, we

can still observe labour market outcomes for former students, up to a maximum of 5 years

after schooling, if a respondent finished his or her education within the first year they were

interviewed by SLID. For those individuals whom we observe both in school and in the labour

market afterwards we can construct a direct measure of the match between the field of study

required by the occupation and the field of study of the respondent.

While we use this direct measure for sensitivity analysis, we prefer a related match measure,

§One CIP category missing in the Census data but available form the SLID refers to courses taken for
personal improvement.

¶In the analysis we use the sample cross-walk from the SLID data; the one from Census presented here is for
illustration purposes.
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where we construct a vector of associated CIP field of study probabilities for each Career

Handbook occupation, using the Career Handbook mapping from occupations to FS and the

FS to CIP cross-walk. Instead of the dychotomous 0/1 match in the direct match case, we

construct a match measure that considers the field of study of the respondent and the associated

field of study probability from the CIP probability vector of the occupation. The advantage of

constructing the match this way is that we have a larger sample of workers of all ages reporting

the CIP field of study and not only a few recent graduates as is the case for the FS measure.

With the match probability as the dependent variable, we conduct several conditional analyses,

with primary interest in the field of study indicators as a way to understand which fields of

study are most closely related to the occupation of workers. Besides the objective match

measure, we also look at self-reported subjective match probabilities.

4 Match between field of study and occupations

4.1 NHS and SLID evidence on the match between field of study and oc-
cupation

We describe here the relationship between the supply side of skill, as embedded in the filed of

study, and the demand side of skill, given by the fields of study associated with an occupation.

The dependent variable is a continuous match probability between the actual CIP field of study

of the respondent and the corresponding CIP probability from the vector of CIP probabilities

associated with each occupation, as described in Section 3.

All specifications in this paper focus on the coefficients on eleven filed of study indicators:

(1) education, (2) arts, (3) humanities, (4) social sciences (including law), (5) business, (6)

physics/life sciences, (7) math/computer sciences, (8) architecture/engineering, (9) agriculture,

(10) health/fitness and (11) protection/transport. The effect of these field of study indicators

is measured relative to the “other fields” category and studies undertaken for personal reasons.

4.1.1 NHS evidence

Table 15 provides evidence on how each field of study is related to the probability of a positive

match between field of study and occupation. The field of study consistently matching the one

demanded by the occupation is Business, management, and public administration. Relative to
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Other fields of study, including for personal improvement, there is about 10% higher probability

that graduates from this field end up in an occupation where the field of study is associated

with the occupation, according to the Career Handbook.� Other fields of study which show

consistently a positive match with the occupation, but to a lower degree, are Social sciences and

law, Math and computers, and Architecture and engineering. Graduates from Arts Personal

protection and transport, and in some specifications Education fields, seem less likely to work

in an occupation related to their field of study.

Looking at the coefficient on gender, women appear less likely to have a field/occupation

match, although in the separate analysis by gender the effect of each filed of study on the

match probability seems to be very similar for men and for women; if anything, compared

to women, men seem to have significant negative probabilities of matching from Education,

Physical/life sciences, and Health (relative to the base categories of Other fields and Personal

improvement courses). In terms of post-secondary education, university graduates, either at

the Bachelor’s or at the post-graduate level, appear to have better field/occupation matching

probabilities.

4.1.2 SLID evidence

Table 2 presents regression coefficients from 8 related specifications. All but one of them use

as dependent variable the probability of a match between the field of study for the end-of-

interview occupation and the CIP filed of study, except for specification 2 which uses the

same measure except constructed from the beginning-of-interview occupation. The first two

specification control only for field of studies and gender, and resemble in some sense the

summary statistics one would obtain from tabulations of the field of studies. Specification

(3) restricts the analysis to individuals who have not been enrolled in study during the last

interview period. Specification (4) adds post-secondary education indicators and specifications

(5) and (6) perform the analysis separately for college and university. Specifications (7) and (8)

keep the post-secondary education controls and look at the effect of field of studies separately

�In interpreting these coefficients, note that the dependent variable does not take values from 0% to 100%
like in the case of a dychotomous yes/no match variable. Instead, the value ranges is smaller and therefore a
comparable probit marginal effect would need to scale up these coefficients substantively. In particular, if he
highest value of the match probability is say 0.75, marginal effects would need to be scaled up by the inverse of
this probability, or 4/3.
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by gender. Statistically significant coefficients are in bold. Compared to the NHS results, the

magnitude of the effects is much smaller, because all the occupations without an associated field

of study are considered as “mis-match” in the SLID estimation. Nevertheless, the qualitative

implications of the NHS mismatch narrative remain unchanged.

In Table 3 we report specifications augmented with some background characteristics (spec-

ification 9), also separately by gender (specifications 10 and 11), as well as industry and

occupation controls in the last specification (12). Adding background characteristics reinforces

the results from the previous specifications regarding fields of study: business graduates are

somewhat likely to end up in occupations related to their field of study, and to some extent

also graduates from social sciences, math and computers, and architecture and engineering.

Graduating from education, arts, humanities or agriculture is negatively related to the proba-

bility of working in a field-related occupation, at least relatively to Other fields of study and

courses taken for personal improvement. Conditional on occupation and industry, education

becomes positively related to the match probability, arts is no longer negatively related to the

match probability (relative to Other fields), but the sign on the social sciences and law and

math and computers coefficients change to negative.

The probability of a positive match increases with respondents’ education, as well as with

parental education. While parental education acts to some extent as a proxy for unobserved

innate ability, in this context it may also reflect active guidance from parents in choosing a

field of study. The probability of Being an immigrant, or even a second generation immigrant,

has a negative effect on the match probability but only for women. Having French as the

first language has a positive effect on the match probability, potentially indicative of a better

selection into occupations and industries by French speaking workers, since the language effect

disappears when controlling for industry and occupation. Speaking another language than

English or French has a negative effect for men, even conditional on immigration status. Since

we do not control for ethnicity in these specifications, language could potentially pick up some

of the ethnicity effect.

We also look at he direct probability of a match between the MFS field of study associated

with the occupation from Career handbook and the MFS of a recent graduate. These results

are in Table 4. There are three specifications, the first one for start occupation match and
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the other two for end occupation match. The last specification adds controls for background

characteristics and provinces (coefficients not reported here but available upon request). The

impact of fields on the match probability is similar across the three specifications. The exact-

match field impacts are more negative compared to the CIP field probability impacts, reflecting

the fact that workers in this estimation are younger, fresh graduates, and it may take a while

until a better occupation match is realized. Sample sizes are also much smaller in this case.

Unlike in previous cases, highest education levels are associated with a lower match probability,

again possibly indicating the early career timing in the estimation. Among the background

characteristics from the third specification, tie since graduation improves the match and so

does having a university-educated mother, while being an immigrant has a negative impact on

the match probability. All other coefficients are not statistically significant.

4.2 Subjective measures of the field − occupation match

In this section we discuss results from self-reported measures of match probability. In Table 5

we present the effect of field of study on match indicators generated from respondents’ answers

to the question “How related is your job to your filed of study?”. Surprisingly, almost all field

of study effects are positive and statistically significant. Further surprising is that the Business

field seems to have the smallest effect on being “very related” to the current occupation, which

is the opposite of what we documented for the objective measures of the field match.

In Table 6 we report the effect of major field of study on self-reported stress levels. The

first two columns refer to a “very stressed” outcome an the last two refer to the other end of

the spectrum, the “no stress at all” outcome. Ideally we would like to see a lot of negative

coefficients in the first two columns and positive coefficients in the last two columns, because

that would indicate a less stressful perception by the respondent. We do not observe these

effects for the field of study indicators, quite the opposite. For both genders Business seems to

increase stress, and so do Physical and life sciences for men and Education and Humanities for

women. Although not statistically significant, the fields of Architecture and engineering and

Protection and transportation for men and Agriculture and natural resources for women seem

to have a stress-reducing effect. Among background characteristics, some ethnicities seem to

have lower stress. Interestingly enough, stress seems to increase with the number of children,
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but conditional on that, having children of preschool age seems to decrease stress.

Finally, the effect of fields of study on the self-reported objectives for the course study

are reported in Table 7. Interestingly, people who had been enrolled in Arts or Humanities

fields of study did not do so for wage or job-related reasons, while people in the Business field

and to some extent Socials sciences an law did enroll with the purpose of increasing wages

or dong better at the job. Given the previously documented discrepancies between perceived,

self-reported effects, and objective ones, we continue now with the analysis of the impact of

field of study on labour market performance.

5 Evidence on wages, career mobility and field of study

5.1 Lifecycle match and over- and under-education

Using the cross-section from NHS, we plot the evolution of the mismatch across the lifecycle.

Given the current definition of mismatch, we do not see an improvement of the match between

field of study and occupation of work neither by gender nor by education levels, as seen in

figures ?? to ??. The expectation is though that moving to a mismatch measure based on

skill distance will allow us to see an improvement of the match along the lifecycle as workers

transition into occupations more suitable to their skill level.

In terms of the distinction between vertical and horizontal mismatch, we contribute here

to the literature by having a specification where we account for both horizontal and vertical

mismatch simultaneously. Tables 16 and 17 indicate that accounting for exact field-occupation

match (horizontal mismatch) offsets the effect of being over-qualified (vertical mismatch).

5.2 The impact of field of study on labour market outcomes: SLID

Tables 8, 9 and 10 investigate the relationship between education, field of study, and labour

market outcomes. The outcome investigated in Table 8 is log hourly wages, in 9 is annual

earnings, and in 10 is unemployment incidence and duration and labour market participation.

The hourly wage measure is supposed to capture the effect of field of study on productivity,

as measured by hourly wages. The annual earnings outcome comibne the productivity effect

with an hours worded channel, and it may tell a different story than just the productivity one,

especially comparing men and women, since women’s labour supply is so different from men’s.
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Each table has 6 specifications, 3 for men and 3 for women. For the wage regressions, for

each gender the first specification (1) is a basic education-wages (or education-unemployment)

one. While it controls for a large vector of background and job-specific characteristics, it does

not control for field of study. The covariates used in the basic specification (1) have the expected

signs and magnitudes from elsewhere in the literature: a 15% premium to university compared

to community college, and a higher 30% premium for post-graduate education relative to

community college. Visible minorities suffer a wage penalty of 5% to 15%, higher for men than

women. While the number of children has no effect for women and a small positive effect for

men, the presence of preschool children has a negative effect for both men and women, slightly

more pronounced for men than women. Surprisingly, there s no penalty for immigrant men,

conditional on occupational choices. These effects remain more or less unchanged across all

three specifications.

The second specification (2) removes the occupation and industry controls, but adds field

of study, while specification (3) controls for both field of study and occupation and industry.

The analysis on field of study also conforms with our expectations, and also what has been

documented elsewhere. In terms of wage benefits, the top three fields of study for men are,

respectively, Business (13.5% higher wages), Match and computers, and Social sciences and law

(12% higher wages). All other fields have either positive or zero wage benefits relative to Other

fields of study (which includes studies for personal improvement). For men Humanities and

Agriculture are the only field with negative returns, but these are statistically not significant,

while the benefits of Arts degrees are positive (4% higher wages than Other fields of study).

For women the most lucrative fields of study are Physical and life sciences (20% higher wages),

Math and computers (15% higher wages) and Business (14.5% higher wages). For women

returns to Arts are zero, negative to Agriculture, and positive to Humanities. In terms of

annual wage benefits, once annual hours worked are also included in the outcome, most of the

results from the hourly wage analysis remain, with a few changes.The same fields of study

remain the most lucrative ones for men and women. The positive benefit for men with Arts

education goes away, and it becomes negative and significant for women.

Table 10 investigates the effect of field of study on unemployment incidence, number of

weeks of unemployment, and labour force participation (weeks out of the labour force).A
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positive coefficient here indicates less labour market involvement. In line with the differences

observed between the hourly and annual wage specification, we can see that Arts for men and

Humanities for women are associated with more unemployment and more weeks not in the

labour force. Interestingly, years since university completion seems to increase unemployment

and number of weeks out of the labour force for men, probably picking up an early retirement

effect.

5.3 Field of study, aptitudes and wages: SLID

We investigate here the link between field of study, occupational aptitudes as described in the

Career Handbook, and wages. Table 11 looks at the effect of field of study on the seven occu-

pational aptitudes extracted from the Career Handbook: general, verbal, numerical, spatial,

motor, clerical and physical. Because the aptitudes are aggregated over quintiles of the skill

distribution in the population from 1 to 5 (sometimes 1 to 4 only, given that we are looking at

the higher skill part of the workforce in this analysis), we report here the results from ordered

logit estimation. We report the exponentiated coefficients as odds ratios, which means that

a coefficient below 1 corresponds to a negative effect of that variable on the probability that

the variable can shift the ordered dependent into higher parts of the distribution Since all

coefficients are statistically significant, we do not bold them. Instead, we denote in cursive the

coefficients below one implying that the effect of that particular covariate on the correspond-

ing aptitude is negative. Most field of studies have a positive effect on the general aptitudes

demanded by the workers’ occupations, with the exception of Architecture and engineering,

Agriculture an natural resources, and Protection and transportation. The negative correlation

between these fields of study and the occupation general attributes comes through the verbal

aptitudes channel, which is less needed for these occupations and as such affects the overall

general aptitude, which is an aggregation of verbal and numerical aptitudes. Business, Physics

and life sciences, and Match and computers are all strongly associated with increased numer-

ical abilities demanded by the job. Women seem to work in lower aptitude jobs, except for

verbal and clerical skills. A bachelor’s degree, and in particular a post-graduate degree are

very strongly associated with higher job skills, in particular verbal and numerical ones, but

lower skill jobs in terms of motor and physical skills.
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In Table 12 we report analysis where we consider jointly the effect of field of study and

occupational skill on the log hourly wage. Separately for men and women, we report the results

from three specifications: controlling for background characteristics only, adding industry, and

adding industry and occupation indicators. Note that the aptitude indicators are based on a

similar occupation measure as the one used to control for occupations in the last specification,

namely the occupation at the end of the interview year. Nevertheless, the aptitudes measured

are based on mapping the 4-digit occupation into the Career Handbook definition of aptitudes,

while the occupation variable used as categorical control in the last specification is based on

a less refined 2-digit measure. In some sense, the industry and occupation categories allow us

to focus on the effect on occupational aptitudes and field of study conditional on very broad

industry and occupation classifications.

General and verbal abilities associated with the occupation have a strong positive effect

on wages, of about 10% increase for general aptitudes to 7% increase for verbal aptitudes.

Conditional on general aptitudes, numerical aptitudes have a smaller effect for women. This

may indicate that the type of jobs that women select into are more likely to reward verbal skill.

Conditional on occupational skill, about half the fields of study continue to have a positive

wage return: education, business, social sciences and law, architecture and engineering, and

health. For women physical and life sciences also continues to have a strong positive effect.

Th other fields: arts, humanities, agriculture have either a zero or a negative direct effect

on wages. nevertheless, we have seen from the previous analysis that these fields still have a

positive effect on general, verbal and numerical skills, which in turn have a positive effect on

wages.

We look next at the effect of the field of study on the change in the aptitudes required by

a job upon an occupation switch. We define two types of occupation switch: from end-of-year

occupation previous year to end-of-year occupation this year, and from start-of-year to end-of-

year occupation in the reference year. It is typically hard to construct measures of occupation

change not plagued by noise. While we use both in estimation, the latter is our preferred one.

Table 13 reports the effect of field of study on increasing aptitudinal factors upon an occupation

switch. It is so far the best argument in favour of arts and humanities majors, which are all

important in ensuring that an occupation switch is associated with increased aptitudes.
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Table 2: SLID: Match probability between occupation-demanded field of study (FS)
and workers‘ actual field of study (CIP)

(1) (2) (3) (4) (5) (6) (7) (8)
Start occ. No student Add edu. CC UNI Men Women

Education 0.006 0.005 0.007 -0.007 0.003 0.001 -0.014 -0.003
(0.002) (0.002) (0.002) (0.002) (0.004) (0.004) (0.004) (0.003)

Visual and -0.006 -0.005 -0.006 -0.007 -0.005 -0.010 -0.007 -0.006
performing arts (0.003) (0.004) (0.004) (0.003) (0.005) (0.009) (0.005) (0.004)

Humanities 0.004 0.005 0.004 -0.003 0.008 -0.006 -0.004 -0.003
(0.003) (0.003) (0.003) (0.003) (0.004) (0.006) (0.005) (0.004)

Social sciences 0.012 0.013 0.013 0.006 0.009 0.012 0.005 0.006
and law (0.002) (0.002) (0.002) (0.002) (0.003) (0.005) (0.004) (0.002)

Business, mangm., 0.090 0.094 0.092 0.086 0.078 0.123 0.092 0.080
public admin (0.001) (0.002) (0.002) (0.001) (0.002) (0.004) (0.002) (0.002)

Phys and life sci., -0.003 -0.003 -0.003 -0.010 -0.003 -0.010 -0.016 -0.007
technology (0.004) (0.005) (0.005) (0.004) (0.007) (0.009) (0.007) (0.006)

Math, comp sci., 0.011 0.011 0.011 0.008 0.013 0.008 0.011 0.004
information sys. (0.002) (0.002) (0.002) (0.002) (0.003) (0.005) (0.003) (0.002)

Archit., engineer., 0.009 0.011 0.010 0.011 0.013 0.013 0.013 0.013
and related (0.002) (0.002) (0.002) (0.002) (0.002) (0.005) (0.002) (0.003)

Agric., natl. res., -0.003 -0.002 -0.003 -0.004 0.000 -0.008 -0.005 -0.001
conservation (0.003) (0.003) (0.003) (0.003) (0.004) (0.007) (0.004) (0.004)

Health, parks, 0.003 0.004 0.003 -0.001 0.002 0.002 -0.008 0.001
rec. and fitness (0.002) (0.002) (0.002) (0.002) (0.002) (0.004) (0.003) (0.002)

Personal, protect. -0.005 -0.005 -0.005 -0.003 -0.001 -0.010 -0.002 -0.002
and transport (0.002) (0.002) (0.002) (0.002) (0.003) (0.006) (0.002) (0.003)

Female -0.008 -0.009 -0.008 -0.008 -0.004 -0.014
(0.001) (0.001) (0.001) (0.001) (0.001) (0.002)

Bachelor’s 0.024 0.032 0.016
(0.001) (0.002) (0.001)

Post-Grad 0.028 0.029 0.026
(0.002) (0.002) (0.002)

constant 0.019 0.020 0.019 0.013 0.012 0.035 0.003 0.001
(0.002) (0.002) (0.002) (0.002) (0.003) (0.005) (0.002) (0.001)

N. Obs. 71378 57189 61781 70223 29309 18709 35199 35024

Table 3: SLID: Heterogeneity in the match between
occupation and worker field of study

(9) (10) (11) (12)
Background Men Women Job char.

Field
Education -0.008 -0.015 -0.005 0.004

(0.002) (0.004) (0.003) (0.002)
Visual and performing arts -0.010 -0.014 -0.007 0.001

(0.003) (0.005) (0.004) (0.003)
Humanities -0.006 -0.009 -0.004 -0.014
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(0.003) (0.005) (0.004) (0.003)
Social sciences and law 0.005 0.002 0.005 -0.006

(0.002) (0.004) (0.002) (0.002)
Business, management and public adminis 0.085 0.091 0.079 0.051

(0.001) (0.002) (0.002) (0.001)
Physical and life sciences and technolo -0.013 -0.018 -0.007 -0.012

(0.004) (0.007) (0.006) (0.004)
Mathematics, computer and information s 0.006 0.009 0.002 -0.005

(0.002) (0.003) (0.002) (0.002)
Architecture, engineering, and related 0.011 0.013 0.012 0.012

(0.002) (0.002) (0.003) (0.001)
Agriculture, natural resources and cons -0.005 -0.006 -0.001 -0.009

(0.003) (0.004) (0.004) (0.002)
Health, parks, recreation and fitness -0.002 -0.010 0.001 0.008

(0.002) (0.003) (0.002) (0.002)
Personal, protective and transportation -0.002 -0.002 -0.002 0.000

(0.002) (0.002) (0.003) (0.002)

Female -0.007 -0.001
(0.001) (0.001)

Bachelor’s 0.015 0.021 0.009 0.000
(0.001) (0.002) (0.002) (0.001)

Post-Grad 0.021 0.021 0.023 0.003
(0.002) (0.003) (0.002) (0.002)

Immigrant -0.001 0.008 -0.009 -0.006
(0.002) (0.002) (0.002) (0.001)

Second gen. imm. 0.002 0.009 -0.003 0.000
(0.001) (0.002) (0.002) (0.001)

Language: French 0.011 0.018 0.005 0.003
(0.002) (0.003) (0.003) (0.002)

Language: Other -0.008 -0.019 0.004 -0.001
(0.002) (0.002) (0.002) (0.001)

Father: HS 0.007 0.008 0.004 0.006
(0.001) (0.001) (0.001) (0.001)

Father: Uni 0.008 0.013 0.003 0.007
(0.002) (0.002) (0.002) (0.001)

Mother: HS 0.003 0.004 0.003 0.001
(0.001) (0.001) (0.001) (0.001)

Mother: Uni -0.003 0.005 -0.010 0.001
(0.002) (0.002) (0.002) (0.001)

Yrs since Uni 0.001 0.0006 0.0005 0.000
(0.000) (0.0001) (0.0001) (0.000)

Yrs since CC 0.000 0.0003 0.0001 0.000
(0.000) (0.0001) (0.0001) (0.000)

constant 0.008 -0.018 -0.008 -0.001
(0.004) (0.009) (0.008) (0.005)

province yes yes yes yes
occ., ind. no no no yes
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N. Obs. 35199 35024 70456

Table 4: SLID: Exact match between occupation and
worker field of study

Smatch Ematch Ematch
FS FS FS

Field
Education -0.100 -0.083 -0.067

(0.052) (0.033) (0.033)
Visual and performing arts -0.165 -0.125 -0.121

(0.079) (0.054) (0.053)
Humanities -0.178 -0.097 -0.086

(0.059) (0.038) (0.038)
Social sciences and law -0.134 -0.101 -0.089

(0.053) (0.033) (0.033)
Business, management and public admin. 0.036 0.023 0.024

(0.047) (0.029) (0.029)
Physical and life sciences and technl. 0.151 0.192 0.158

(0.110) (0.070) (0.068)
Mathematics, computer and information s -0.110 -0.094 -0.084

(0.051) (0.032) (0.033)
Architecture, engineering, and related -0.040 -0.007 -0.005

(0.054) (0.034) (0.034)
Agriculture, natural resources and cons -0.154 -0.110 -0.076

(0.082) (0.053) (0.053)
Health, parks, recreation and fitness -0.117 -0.090 -0.091

(0.048) (0.029) (0.029)
Personal, protective and transportation -0.185 -0.087 -0.066

(0.062) (0.041) (0.040)

Female -0.047 -0.020 -0.019
(0.021) (0.014) (0.014)

Bachelor’s -0.007 0.011 -0.022
(0.022) (0.015) (0.016)

Post-Grad -0.044 -0.015 -0.051
(0.030) (0.021) (0.022)

constant 0.251 0.152 -0.054
(0.055) (0.035) (0.067)

Background No No Yes
Province No No Yes

N. Obs. 800 1351 1351
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Table 5: SLID: Field of study related to job self-
reported

Very Somewhat Very Somewhat Very Somewhat
Related Related Related Related Related Related

Field
Education 0.257 0.161 0.248 0.154 0.124 0.075

(0.010) (0.009) (0.010) (0.009) (0.010) (0.009)
Visual and 0.036 0.019 0.043 0.030 0.058 0.018

performing arts (0.015) (0.014) (0.015) (0.014) (0.014) (0.013)
Humanities 0.083 0.082 0.072 0.076 0.072 0.061

(0.013) (0.012) (0.013) (0.012) (0.012) (0.011)
Social sciences 0.116 0.091 0.109 0.088 0.072 0.041

and law (0.009) (0.008) (0.009) (0.008) (0.009) (0.008)
Business, mangm., 0.001 0.050 -0.008 0.041 0.055 0.059

public admin (0.006) (0.006) (0.006) (0.006) (0.006) (0.006)
Phys and life sci., 0.203 0.140 0.195 0.133 0.105 0.070

technology (0.020) (0.018) (0.019) (0.018) (0.018) (0.017)
Math, comp sci., 0.095 0.113 0.082 0.105 0.079 0.071
information sys. (0.008) (0.008) (0.008) (0.008) (0.008) (0.007)

Archit., engineer., 0.072 0.048 0.070 0.045 0.090 0.068
and related (0.007) (0.006) (0.007) (0.006) (0.006) (0.006)

Agric., natl. res., 0.017 0.047 0.009 0.042 0.094 0.116
conservation (0.012) (0.011) (0.012) (0.011) (0.011) (0.011)

Health, parks, 0.211 0.136 0.197 0.124 0.041 0.024
rec. and fitness (0.007) (0.007) (0.007) (0.007) (0.007) (0.007)

Personal, protect. -0.057 -0.098 -0.049 -0.089 0.037 0.002
and transport (0.008) (0.007) (0.008) (0.007) (0.008) (0.007)

Female 0.023 0.016 0.022 0.014 -0.004 -0.016
(0.004) (0.004) (0.004) (0.003) (0.004) (0.004)

Bachelor’s 0.181 0.206 0.180 0.201 0.072 0.106
(0.005) (0.004) (0.006) (0.006) (0.006) (0.005)

Post-Grad 0.323 0.286 0.334 0.289 0.172 0.152
(0.007) (0.006) (0.008) (0.007) (0.008) (0.007)

Immigrant 0.354 0.545 0.010 0.011 -0.002 -0.001
(0.008) (0.007) (0.007) (0.006) (0.006) (0.006)

Second gen. imm. 0.016 0.011 0.003 -0.004
(0.005) (0.005) (0.005) (0.004)

Language: French 0.047 0.051 0.032 0.032
(0.008) (0.007) (0.007) (0.007)

Language: Other 0.023 0.024 0.032 0.035
(0.007) (0.006) (0.006) (0.006)

Father: HS 0.017 0.006 0.015 0.003
(0.004) (0.004) (0.004) (0.004)

Father: Uni -0.018 -0.018 -0.010 -0.014
(0.007) (0.006) (0.006) (0.006)
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Mother: HS 0.014 0.008 0.003 -0.002
(0.004) (0.004) (0.004) (0.004)

Mother: Uni -0.024 -0.004 -0.024 -0.005
(0.007) (0.007) (0.007) (0.006)

Yrs since Uni 0.001 0.001 0.000 0.000
(0.000) (0.000) (0.000) (0.000)

Yrs since CC 0.008 0.008 0.005 0.005
(0.000) (0.000) (0.000) (0.000)

Province No No Yes Yes Yes Yes
Occ. and ind. No No No No Yes Yes

N. Obs. 70651 70651 70651 70651 70456 70456

Table 6: SLID: Impact of field of study on stress levels

Very stressed No stress at all
Men Women Men Women

Field
Education 0.006 0.035 -0.008 -0.032

(0.012) (0.008) (0.014) (0.009)
Visual and -0.006 0.020 -0.025 -0.068

performing arts (0.015) (0.013) (0.018) (0.015)
Humanities -0.015 0.026 -0.031 -0.024

(0.014) (0.011) (0.016) (0.012)
Social sciences -0.002 0.013 -0.055 0.007

and law (0.011) (0.008) (0.013) (0.009)
Business, mangm., 0.021 0.033 -0.055 -0.048

public admin (0.006) (0.006) (0.008) (0.006)
Phys and life sci., 0.048 0.008 -0.076 -0.032

technology (0.019) (0.019) (0.023) (0.021)
Math, comp sci., -0.001 0.013 -0.063 -0.015
information sys. (0.008) (0.008) (0.010) (0.009)

Archit., engineer., -0.005 0.027 0.008 -0.056
and related (0.006) (0.008) (0.007) (0.009)

Agric., natl. res., 0.004 -0.006 -0.003 0.054
conservation (0.011) (0.013) (0.013) (0.015)

Health, parks, 0.020 -0.010 -0.005 -0.016
rec. and fitness (0.008) (0.006) (0.010) (0.007)

Personal, protect. -0.022 0.006 0.004 -0.012
and transport (0.007) (0.009) (0.009) (0.010)

Bachelor’s 0.020 0.017 -0.057 -0.028
(0.007) (0.006) (0.008) (0.007)

Post-Grad 0.043 0.071 -0.097 -0.077
(0.008) (0.008) (0.010) (0.009)
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Marital: single 0.039 -0.025 -0.072 0.009
(0.005) (0.005) (0.006) (0.006)

Marital: DWS 0.071 0.055 -0.099 -0.039
(0.007) (0.006) (0.009) (0.007)

Ethnicity: black -0.010 0.056 0.037 -0.026
(0.014) (0.013) (0.016) (0.015)

Ethnicity: other -0.036 -0.046 0.009 0.035
(0.008) (0.008) (0.009) (0.009)

Preschool -0.029 -0.028 0.015 0.041
children (yes/no) (0.005) (0.005) (0.006) (0.006)

Nb. Children 0.022 0.020 -0.033 -0.032
(0.002) (0.002) (0.002) (0.002)

Immigrant 0.008 -0.002 0.021 0.047
(0.007) (0.007) (0.009) (0.008)

Second gen. imm. 0.025 -0.006 0.004 -0.001
(0.005) (0.005) (0.006) (0.006)

Language: French 0.074 0.063 -0.038 -0.023
(0.008) (0.008) (0.009) (0.009)

Language: Other 0.022 0.014 -0.012 -0.016
(0.007) (0.007) (0.008) (0.008)

Father: HS 0.007 -0.009 -0.012 0.003
(0.004) (0.004) (0.005) (0.005)

Father: Uni -0.031 -0.001 0.009 -0.006
(0.007) (0.007) (0.008) (0.008)

Mother: HS 0.004 -0.008 0.010 -0.006
(0.004) (0.004) (0.005) (0.005)

Mother: Uni 0.029 -0.027 -0.003 -0.014
(0.007) (0.007) (0.009) (0.008)

Yrs since Uni 0.000 -0.001 0.002 0.000
(0.000) (0.000) (0.000) (0.000)

Yrs since CC 0.001 0.000 -0.002 -0.001
(0.000) (0.000) (0.000) (0.000)

year -0.001 -0.007 -0.006 -0.001
(0.001) (0.001) (0.001) (0.001)

constant 2.768 13.991 13.260 3.245
(1.576) (1.587) (1.885) (1.800)

province yes yes yes yes

Table 7: SLID: Objectives for pursuing course of study

Career Increase Avoid Promo- Do better Start Change
wage job loss tion at job business job

Field
Education -0.255 0.085 0.015 0.059 0.192 -0.039 -0.130

(0.036) (0.034) (0.016) (0.027) (0.033) (0.019) (0.034)
Visual and 0.148 -0.061 -0.007 -0.020 -0.083 0.122 -0.073
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performing arts (0.049) (0.047) (0.022) (0.038) (0.046) (0.027) (0.047)
Humanities -0.019 -0.018 -0.014 -0.071 0.009 -0.020 -0.008

(0.033) (0.032) (0.015) (0.026) (0.031) (0.018) (0.032)
Social sciences -0.055 0.096 0.001 0.019 0.086 0.002 -0.072

and law (0.030) (0.029) (0.013) (0.023) (0.028) (0.016) (0.029)
Business, mangm., -0.184 0.067 0.027 0.124 0.138 0.039 -0.027

public admin (0.022) (0.021) (0.010) (0.017) (0.020) (0.012) (0.021)
Phys and life sci., 0.005 -0.061 0.038 0.008 0.021 0.045 -0.019

technology (0.054) (0.051) (0.024) (0.041) (0.050) (0.029) (0.051)
Math, comp sci., -0.272 0.125 0.002 0.060 0.170 0.024 0.106
information sys. (0.034) (0.033) (0.015) (0.026) (0.032) (0.019) (0.033)

Archit., engineer., -0.165 0.032 0.025 0.036 0.098 0.027 0.005
and related (0.024) (0.023) (0.011) (0.019) (0.023) (0.013) (0.023)

Agric., natl. res., -0.046 0.108 0.022 -0.057 -0.021 0.096 0.147
conservation (0.044) (0.042) (0.020) (0.034) (0.041) (0.024) (0.042)

Health, parks, -0.086 0.002 0.009 0.024 0.076 0.025 -0.019
rec. and fitness (0.025) (0.024) (0.011) (0.019) (0.023) (0.013) (0.024)

Personal, protect. -0.005 0.002 0.008 0.034 0.009 0.016 -0.021
and transport (0.031) (0.029) (0.014) (0.024) (0.029) (0.017) (0.030)

Female -0.007 0.007 0.003 -0.054 -0.054 -0.019 0.026
(0.014) (0.014) (0.006) (0.011) (0.013) (0.008) (0.014)

Bachelor’s -0.037 0.049 -0.007 0.115 0.023 -0.011 0.050
(0.018) (0.017) (0.008) (0.014) (0.017) (0.010) (0.017)

Post-Grad -0.089 0.082 0.036 0.123 0.109 0.037 0.051
(0.025) (0.024) (0.011) (0.019) (0.023) (0.014) (0.024)

Immigrant 0.052 0.039 0.004 -0.097 -0.047 0.035 0.040
(0.027) (0.025) (0.012) (0.020) (0.025) (0.014) (0.025)

Second gen. imm. 0.031 -0.053 0.005 -0.017 -0.019 0.013 0.006
(0.018) (0.017) (0.008) (0.014) (0.017) (0.010) (0.017)

Language: French -0.001 -0.017 -0.044 0.034 0.020 0.005 -0.079
(0.030) (0.029) (0.013) (0.023) (0.028) (0.016) (0.029)

Language: Other -0.020 -0.029 0.007 0.112 0.007 -0.006 -0.045
(0.027) (0.026) (0.012) (0.021) (0.025) (0.015) (0.026)

Father: HS 0.072 -0.026 -0.005 -0.044 -0.028 -0.001 0.009
(0.016) (0.015) (0.007) (0.012) (0.015) (0.009) (0.015)

Father: Uni 0.136 -0.061 -0.018 -0.068 -0.080 -0.002 -0.014
(0.021) (0.020) (0.009) (0.016) (0.020) (0.012) (0.020)

Mother: HS 0.104 -0.001 -0.003 -0.014 -0.050 0.013 -0.070
(0.016) (0.015) (0.007) (0.012) (0.015) (0.009) (0.016)

Mother: Uni 0.165 0.013 -0.011 -0.070 -0.089 -0.014 -0.026
(0.022) (0.021) (0.010) (0.017) (0.021) (0.012) (0.021)

Yrs since Uni -0.014 -0.004 0.001 -0.002 0.008 0.000 0.002
(0.001) (0.001) (0.001) (0.001) (0.001) (0.001) (0.001)

Yrs since CC -0.017 0.003 0.001 0.003 0.005 0.000 0.005
(0.001) (0.001) (0.000) (0.001) (0.001) (0.001) (0.001)

constant 0.532 0.175 0.010 0.163 0.291 0.041 0.292
(0.113) (0.108) (0.050) (0.087) (0.105) (0.061) (0.108)
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N. Obs 4596
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Table 8: SLID: Impact of field of study on (log) hourly
wages

Men Women
(1) (2) (3) (1) (2) (3)

Field
Education 0.080 0.069 0.140 0.107

(0.016) (0.016) (0.011) (0.010)
Visual and 0.038 0.040 0.002 0.003

performing arts (0.025) (0.022) (0.021) (0.018)
Humanities -0.052 -0.022 0.041 0.050

(0.018) (0.016) (0.015) (0.013)
Social sciences 0.136 0.124 0.083 0.066

and law (0.015) (0.014) (0.011) (0.009)
Business, mangm., 0.191 0.135 0.170 0.145

public admin (0.009) (0.008) (0.008) (0.007)
Phys and life sci., 0.118 0.075 0.274 0.198

technology (0.027) (0.024) (0.024) (0.021)
Math, comp sci., 0.222 0.120 0.171 0.149
information sys. (0.011) (0.010) (0.010) (0.009)

Archit., engineer., 0.063 0.048 0.040 0.048
and related (0.008) (0.008) (0.011) (0.010)

Agric., natl. res., -0.017 -0.003 -0.090 -0.036
conservation (0.016) (0.015) (0.020) (0.017)

Health, parks, 0.055 0.035 0.171 0.075
rec. and fitness (0.012) (0.012) (0.009) (0.008)

Personal, protect. 0.014 0.033 -0.090 0.022
and transport (0.010) (0.009) (0.012) (0.011)

Bachelor’s 0.158 0.245 0.129 0.144 0.290 0.150
(0.008) (0.009) (0.008) (0.006) (0.008) (0.007)

Post-Grad 0.318 0.407 0.285 0.306 0.492 0.307
(0.010) (0.011) (0.011) (0.009) (0.011) (0.009)

Marital: single 0.240 0.306 0.227 0.141 0.198 0.127
(0.006) (0.007) (0.006) (0.005) (0.007) (0.006)

Marital: DWS 0.251 0.312 0.239 0.146 0.193 0.135
(0.008) (0.010) (0.009) (0.007) (0.008) (0.007)

Ethnicity: black -0.158 -0.207 -0.132 -0.100 -0.103 -0.067
(0.015) (0.018) (0.016) (0.015) (0.019) (0.016)

Ethnicity: other -0.160 -0.159 -0.150 -0.053 -0.074 -0.066
(0.009) (0.011) (0.010) (0.009) (0.012) (0.010)

Preschool -0.050 -0.065 -0.048 -0.024 -0.006 -0.022
children (yes/no) (0.006) (0.007) (0.006) (0.006) (0.007) (0.006)

Nb. Children 0.035 0.049 0.033 0.009 0.006 0.005
(0.002) (0.003) (0.002) (0.002) (0.003) (0.002)

Immigrant 0.062 0.080 0.076 -0.006 -0.001 -0.007
(0.009) (0.011) (0.009) (0.008) (0.010) (0.008)
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Second gen. imm. 0.039 0.058 0.042 0.015 0.023 0.008
(0.006) (0.007) (0.006) (0.006) (0.007) (0.006)

Language: French -0.002 0.039 0.013 0.023 0.029 0.019
(0.009) (0.010) (0.009) (0.009) (0.011) (0.009)

Language: Other -0.065 -0.110 -0.085 -0.052 -0.066 -0.046
(0.008) (0.010) (0.009) (0.008) (0.009) (0.008)

Father: HS -0.026 -0.019 -0.021 0.002 0.004 0.001
(0.005) (0.006) (0.005) (0.005) (0.006) (0.005)

Father: Uni 0.004 0.006 -0.010 -0.001 0.001 0.001
(0.008) (0.009) (0.008) (0.008) (0.009) (0.008)

Mother: HS 0.006 0.014 0.003 -0.007 -0.002 -0.005
(0.005) (0.006) (0.005) (0.005) (0.006) (0.005)

Mother: Uni -0.048 -0.055 -0.059 -0.031 -0.049 -0.044
(0.009) (0.010) (0.009) (0.008) (0.010) (0.008)

Yrs since Uni 0.005 0.006 0.005 0.007 0.008 0.007
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

Yrs since CC 0.005 0.007 0.005 0.004 0.008 0.004
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

year -0.055 0.043 -0.164 0.000 0.043 -0.070
(0.172) (0.001) (0.034) (omitted) (0.001) (0.109)

constant 0.347 -83.485 0.215 0.358 -82.888 0.277
(0.171) (2.198) (0.031) (0.044) (2.183) (0.107)

province yes yes yes yes yes yes
occ. and ind. yes no yes yes no yes

Table 9: SLID: Impact of field of study on annual earn-
ings

Men Women
Unempl. Weeks Weeks Unempl. Weeks Weeks
incidence unempl. NLF incidence unempl. NLF

Field
Education 68.0 4561.1 3344.4 4823.1

(1687.8) (1762.6) (758.4) (771.5)
Visual and -4651.1 -308.8 -3650.9 -448.4

performing arts (2150.7) (2118.9) (1202.1) (1134.4)
Humanities -4771.2 -1714.6 -3455.4 -1532.4

(1913.7) (1865.7) (982.5) (913.0)
Social sciences 8731.6 9873.1 5571.1 5336.1

and law (1519.9) (1492.3) (703.3) (665.4)
Business, mangm., 17149.5 13210.2 13458.2 9108.4

public admin (894.9) (900.2) (516.4) (504.8)
Phys and life sci., 22229.4 17596.6 16731.8 13088.0

technology (2732.1) (2641.2) (1704.6) (1585.1)
Math, comp sci., 12334.2 8670.2 8905.4 7203.3
information sys. (1171.2) (1163.4) (709.9) (672.3)
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Archit., engineer., 5154.7 3706.3 5011.6 3296.3
and related (867.5) (854.5) (756.8) (713.6)

Agric., natl. res., -4304.3 -1749.2 -476.1 145.3
conservation (1528.3) (1524.8) (1204.5) (1129.3)

Health, parks, 16647.3 9122.2 8582.5 5215.9
rec. and fitness (1195.8) (1242.7) (570.2) (559.3)

Personal, protect. 4195.2 3851.9 -441.9 2089.9
and transport (1032.9) (1010.3) (790.4) (761.6)

Bachelor’s 9506.6 13264.5 8057.1 5103.8 11903.4 5640.0
(897.9) (928.5) (927.4) (480.6) (523.9) (501.6)

Post-Grad 33110.4 40646.6 32057.7 21167.6 30274.0 21755.0
(1134.5) (1150.5) (1169.8) (643.3) (687.7) (657.5)

Marital: single 14834.8 17550.3 13321.6 3458.4 5186.0 2433.3
(672.6) (697.0) (685.5) (396.3) (445.2) (418.1)

Marital: DWS 15840.8 17683.4 14295.6 4447.4 5679.0 4157.4
(968.4) (1010.9) (982.6) (507.6) (567.6) (529.6)

Ethnicity: black -14653.9 -15003.7 -9905.5 -1206.3 -5036.5 -2411.1
(1736.5) (1925.0) (1866.6) (1003.1) (1185.2) (1099.2)

Ethnicity: other -8525.0 -8263.4 -7905.8 17.0 -2720.4 -1636.3
(1044.9) (1120.8) (1086.3) (667.0) (758.0) (705.0)

Preschool -5513.4 -5681.7 -5175.1 -9110.9 -8689.1 -8821.7
children (yes/no) (705.5) (747.8) (722.0) (439.6) (490.6) (455.5)

Nb. Children 4325.6 5102.2 4327.5 263.0 110.9 138.6
(252.6) (267.0) (258.2) (152.3) (171.6) (159.5)

Immigrant 4066.3 4979.4 4016.8 -4996.9 -5583.4 -5246.5
(971.1) (1039.3) (1007.1) (578.2) (648.5) (601.5)

Second gen. imm. 6130.5 7020.1 6073.7 -1191.1 -1913.4 -2509.1
(690.6) (732.5) (708.1) (406.6) (455.3) (422.6)

Language: French -3221.1 272.8 -1166.4 1334.8 2394.7 1350.2
(1019.4) (1071.3) (1034.4) (635.2) (710.1) (658.1)

Language: Other -11268.4 -13978.3 -11691.4 -2538.2 -3047.9 -1929.8
(921.7) (993.1) (960.6) (556.0) (625.7) (581.3)

Father: HS 1160.2 1653.6 2033.7 -1553.9 -1616.3 -1701.6
(568.1) (597.7) (578.1) (338.8) (379.3) (351.9)

Father: Uni -491.3 -1026.0 -853.7 -2456.9 -2381.6 -2387.3
(870.9) (925.0) (894.7) (553.0) (607.4) (564.0)

Mother: HS -509.1 247.5 -1021.6 1287.0 1808.7 1446.7
(559.4) (589.0) (569.8) (335.2) (373.6) (346.9)

Mother: Uni -521.9 -2118.9 -2599.5 1195.6 -3.5 207.9
(972.5) (1019.3) (985.2) (594.3) (659.5) (611.8)

Yrs since Uni 522.2 535.6 450.6 525.2 543.3 521.3
(39.0) (41.6) (40.4) (23.5) (26.1) (24.2)

Yrs since CC 281.8 446.5 321.7 157.3 247.0 129.1
(23.9) (25.2) (24.5) (14.6) (16.1) (15.1)

year 15366.6 1745.6 -9836.9 -12322.5 1427.3 -11895.6
(22648.8) (111.2) (3886.8) (3308.2) (72.3) (3360.6)

constant 53839.1 7670.2 25822.7 3707.5 8102.6 4340.9
(22637.6) (111.4) (3791.9) (3362.8) (72.4) (3394.1)

province yes yes yes yes yes yes
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occ. and ind. yes no yes yes no yes

Table 10: SLID: Impact of field of study on not work-
ing

Men Women
Unempl. Weeks Weeks Unempl. Weeks Weeks
incidence unempl. NLF incidence unempl. NLF

Field
Education -0.057 -1.368 -0.257 -0.126 -0.962 -2.501

(0.017) (0.256) (0.389) (0.012) (0.173) (0.354)
Visual and 0.068 2.072 1.148 -0.055 0.335 -1.971

performing arts (0.021) (0.326) (0.496) (0.019) (0.274) (0.560)
Humanities -0.037 -1.529 1.220 0.066 0.371 3.183

(0.019) (0.290) (0.441) (0.015) (0.226) (0.460)
Social sciences -0.031 -0.947 -0.069 -0.096 -0.740 -2.670

and law (0.015) (0.231) (0.351) (0.011) (0.162) (0.331)
Business, mangm., -0.081 -1.157 -1.519 -0.123 -0.770 -3.605

public admin (0.009) (0.136) (0.206) (0.008) (0.119) (0.243)
Phys and life sci., -0.007 -1.099 0.257 -0.118 -1.173 -2.777

technology (0.027) (0.420) (0.639) (0.026) (0.385) (0.787)
Math, comp sci., -0.086 -1.055 -2.096 -0.109 -0.491 -1.937
information sys. (0.012) (0.177) (0.269) (0.011) (0.162) (0.331)

Archit., engineer., -0.035 -0.580 -1.747 -0.032 0.178 -2.204
and related (0.009) (0.132) (0.200) (0.012) (0.175) (0.357)

Agric., natl. res., -0.024 -0.485 -0.481 -0.059 0.059 -2.414
conservation (0.015) (0.230) (0.350) (0.019) (0.276) (0.563)

Health, parks, -0.061 -1.656 -0.048 -0.119 -1.097 -2.292
rec. and fitness (0.012) (0.183) (0.278) (0.009) (0.131) (0.268)

Personal, protect. -0.008 -0.370 -0.723 -0.038 -0.283 -1.357
and transport (0.010) (0.157) (0.239) (0.013) (0.183) (0.374)

Bachelor’s -0.077 -0.287 -2.597 -0.080 -0.165 -2.716
(0.009) (0.141) (0.214) (0.008) (0.120) (0.244)

Post-Grad -0.091 -0.467 -2.653 -0.095 -0.597 -2.706
(0.011) (0.174) (0.264) (0.011) (0.158) (0.322)

Marital: single -0.242 -2.000 -3.122 -0.189 -0.535 -3.151
(0.007) (0.106) (0.162) (0.007) (0.103) (0.210)

Marital: DWS -0.215 -1.432 -2.833 -0.140 0.083 -2.856
(0.010) (0.154) (0.234) (0.009) (0.131) (0.267)

Ethnicity: black 0.030 1.035 1.335 0.069 1.477 1.263
(0.019) (0.298) (0.454) (0.019) (0.275) (0.561)

Ethnicity: other -0.004 0.261 0.147 -0.022 0.559 0.254
(0.011) (0.173) (0.263) (0.012) (0.176) (0.360)

Preschool 0.011 0.133 -0.341 0.063 -0.141 3.127
children (yes/no) (0.007) (0.113) (0.173) (0.008) (0.113) (0.230)

Nb. Children -0.030 -0.135 -0.667 -0.006 0.027 -0.034
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(0.003) (0.041) (0.062) (0.003) (0.039) (0.080)
Immigrant 0.018 0.686 -0.530 0.019 0.443 0.584

(0.010) (0.158) (0.240) (0.010) (0.149) (0.304)
Second gen. imm. -0.029 -0.004 -0.365 0.006 0.066 0.098

(0.007) (0.111) (0.169) (0.007) (0.104) (0.213)
Language: French -0.007 -0.670 0.568 -0.033 -0.660 -0.688

(0.011) (0.162) (0.247) (0.011) (0.163) (0.333)
Language: Other 0.046 0.283 1.529 0.029 0.219 1.398

(0.010) (0.152) (0.231) (0.010) (0.144) (0.294)
Father: HS -0.001 -0.081 0.189 0.022 -0.074 0.305

(0.006) (0.091) (0.138) (0.006) (0.087) (0.178)
Father: Uni -0.015 -0.250 -0.447 0.037 -0.208 0.806

(0.009) (0.141) (0.214) (0.010) (0.139) (0.285)
Mother: HS 0.021 -0.065 0.404 -0.016 -0.338 -0.831

(0.006) (0.089) (0.136) (0.006) (0.086) (0.175)
Mother: Uni 0.038 -0.119 0.861 0.068 0.370 0.118

(0.010) (0.155) (0.236) (0.010) (0.151) (0.309)
Yrs since Uni 0.001 -0.005 0.068 -0.001 -0.035 0.044

(0.000) (0.006) (0.010) (0.000) (0.006) (0.012)
Yrs since CC -0.002 -0.022 -0.024 -0.003 -0.020 -0.045

(0.000) (0.004) (0.006) (0.000) (0.004) (0.008)
year -0.005 0.002 -0.050 -0.011 -0.022 -0.304

(0.001) (0.017) (0.026) (0.001) (0.017) (0.034)
constant 10.125 1.811 108.138 22.903 48.339 619.023

(2.210) (33.812) (51.419) (2.280) (33.354) (68.098)
province yes yes yes yes yes yes

Table 11: SLID: Impact of field of study on occupa-
tional aptitudes. Odds ratio reported.

1 2 3 4 5 6 7
general verbal numerical spatial motor clerical physical

Field
Education 2.024 2.086 1.436 0.677 0.424 1.554 0.458

(0.084) (0.087) (0.058) (0.030) (0.020) (0.067) (0.022)
Visual and 2.050 1.753 1.312 2.175 1.246 1.252 0.553

performing arts (0.141) (0.118) (0.086) (0.145) (0.085) (0.085) (0.036)
Humanities 1.892 2.217 1.693 0.615 0.454 1.652 0.303

(0.104) (0.122) (0.093) (0.036) (0.027) (0.096) (0.020)
Social sciences 1.978 2.280 1.195 0.537 0.390 1.362 0.624

and law (0.078) (0.089) (0.046) (0.023) (0.016) (0.054) (0.025)
Business, mangm., 2.170 2.195 3.869 0.438 0.328 4.296 0.197

public admin (0.057) (0.056) (0.100) (0.012) (0.008) (0.117) (0.006)
Phys and life sci., 2.618 2.814 2.712 2.291 1.331 1.341 0.728

technology (0.222) (0.242) (0.220) (0.181) (0.106) (0.111) (0.063)
Math, comp sci., 2.725 2.270 3.534 1.762 0.825 3.879 0.273
information sys. (0.099) (0.079) (0.126) (0.061) (0.028) (0.145) (0.011)
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Archit., engineer., 0.892 0.720 1.155 1.641 1.412 0.733 1.075
and related (0.026) (0.020) (0.032) (0.044) (0.036) (0.020) (0.029)

Agric., natl. res., 0.806 0.839 1.263 0.946 1.091 0.740 1.154
conservation (0.040) (0.039) (0.059) (0.042) (0.046) (0.035) (0.051)

Health, parks, 1.970 2.029 1.136 2.176 2.695 1.118 1.714
rec. and fitness (0.059) (0.060) (0.032) (0.062) (0.074) (0.033) (0.048)

Personal, protect. 0.620 0.610 0.632 1.190 1.275 0.564 1.094
and transport (0.021) (0.020) (0.020) (0.037) (0.038) (0.018) (0.034)

Female 0.891 1.196 0.866 0.417 0.877 2.173 0.545
(0.015) (0.019) (0.014) (0.007) (0.014) (0.036) (0.009)

Bachelor’s 6.371 6.289 4.317 1.320 0.371 2.391 0.298
(0.134) (0.134) (0.090) (0.028) (0.008) (0.050) (0.007)

Post-Grad 19.053 23.510 7.248 2.135 0.467 2.886 0.141
(0.625) (0.821) (0.218) (0.068) (0.017) (0.092) (0.006)

Marital: single 2.105 1.770 1.540 1.327 0.973 1.445 0.700
(0.046) (0.037) (0.032) (0.028) (0.020) (0.031) (0.015)

Marital: DWS 1.904 1.633 1.373 1.186 0.897 1.343 0.723
(0.056) (0.046) (0.039) (0.035) (0.025) (0.039) (0.021)

Ethnicity: black 0.695 0.721 0.580 0.757 1.067 0.701 1.315
(0.053) (0.054) (0.043) (0.059) (0.078) (0.053) (0.101)

Ethnicity: other 0.736 0.713 0.935 0.988 1.170 1.140 1.181
(0.035) (0.033) (0.043) (0.047) (0.056) (0.055) (0.060)

Preschool 0.906 0.930 0.957 0.995 1.055 0.960 1.036
children (yes/no) (0.020) (0.021) (0.021) (0.022) (0.024) (0.022) (0.025)

Nb. Children 1.068 1.045 1.063 1.067 1.039 1.015 1.036
(0.008) (0.008) (0.008) (0.008) (0.008) (0.008) (0.008)

Immigrant 1.090 1.098 1.140 1.130 0.910 1.122 0.865
(0.033) (0.033) (0.034) (0.034) (0.028) (0.034) (0.028)

Second gen. imm. 1.217 1.301 1.245 1.136 0.952 1.200 0.833
(0.026) (0.028) (0.026) (0.025) (0.021) (0.026) (0.019)

Table 12: SLID: Impact of aptitudes and field of study
on hourly wages

Men Women

Aptitudes
General 0.126 0.100 0.083 0.243 0.195 0.106

(0.006) (0.006) (0.007) (0.008) (0.007) (0.008)
Verbal 0.071 0.072 0.035 0.071 0.081 0.073

(0.006) (0.006) (0.006) (0.007) (0.007) (0.007)
Numerical 0.055 0.058 0.041 -0.008 0.009 0.015

(0.005) (0.005) (0.005) (0.005) (0.005) (0.005)
Spatial -0.016 -0.019 -0.014 0.024 0.007 0.022

(0.004) (0.004) (0.005) (0.004) (0.004) (0.005)
Motor 0.023 0.009 -0.012 0.029 0.023 -0.033

(0.003) (0.003) (0.004) (0.003) (0.003) (0.004)
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Clerical 0.013 0.008 0.016 0.027 0.020 0.006
(0.005) (0.005) (0.007) (0.005) (0.005) (0.007)

Physical 0.021 0.010 -0.010 0.029 0.027 -0.002
(0.006) (0.006) (0.006) (0.006) (0.006) (0.007)

Field
Education 0.045 0.075 0.069 0.079 0.100 0.100

(0.016) (0.016) (0.017) (0.011) (0.011) (0.011)
Visual and -0.025 0.000 0.024 -0.047 -0.040 -0.016

performing arts (0.023) (0.023) (0.022) (0.019) (0.018) (0.018)
Humanities -0.099 -0.084 -0.045 0.010 0.018 0.040

(0.017) (0.017) (0.016) (0.014) (0.013) (0.013)
Social sciences 0.081 0.083 0.111 0.052 0.043 0.060

and law (0.014) (0.014) (0.014) (0.010) (0.010) (0.009)
Business, mangm., 0.132 0.138 0.124 0.122 0.115 0.116

public admin (0.008) (0.008) (0.008) (0.007) (0.007) (0.007)
Phys and life sci., 0.021 0.020 0.032 0.144 0.135 0.121

technology (0.025) (0.024) (0.024) (0.021) (0.021) (0.020)
Math, comp sci., 0.100 0.101 0.110 0.116 0.103 0.122
information sys. (0.011) (0.010) (0.010) (0.009) (0.009) (0.009)

Archit., engineer., 0.052 0.050 0.043 0.045 0.039 0.037
and related (0.008) (0.008) (0.008) (0.010) (0.010) (0.010)

Agric., natl. res., -0.003 0.012 0.003 -0.076 -0.053 -0.046
conservation (0.015) (0.015) (0.015) (0.018) (0.017) (0.017)

Health, parks, 0.035 0.047 0.033 0.102 0.100 0.054
rec. and fitness (0.012) (0.011) (0.012) (0.008) (0.008) (0.008)

Personal, protect. 0.043 0.039 0.039 -0.018 -0.001 -0.003
and transport (0.009) (0.009) (0.009) (0.011) (0.011) (0.011)

Bachelor’s 0.119 0.104 0.102 0.140 0.137 0.113
(0.009) (0.009) (0.008) (0.007) (0.007) (0.007)

Post-Grad 0.211 0.212 0.226 0.244 0.238 0.226
(0.011) (0.011) (0.011) (0.010) (0.010) (0.010)

married 0.275 0.235 0.218 0.144 0.125 0.115
(0.006) (0.006) (0.006) (0.006) (0.006) (0.006)

DWS 0.277 0.242 0.227 0.158 0.138 0.123
(0.009) (0.009) (0.009) (0.008) (0.007) (0.007)

Black -0.160 -0.151 -0.130 -0.083 -0.092 -0.084
(0.017) (0.017) (0.016) (0.017) (0.017) (0.016)

Asian -0.176 -0.178 -0.168 -0.052 -0.062 -0.064
(0.011) (0.010) (0.010) (0.011) (0.010) (0.010)

MidE -0.157 -0.137 -0.130 -0.156 -0.151 -0.140
(0.023) (0.022) (0.022) (0.023) (0.023) (0.022)

Latino -0.164 -0.147 -0.127 -0.136 -0.171 -0.190
(0.027) (0.026) (0.025) (0.027) (0.026) (0.025)

Preschool -0.059 -0.053 -0.045 -0.022 -0.020 -0.026
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children (yes/no) (0.007) (0.007) (0.006) (0.007) (0.007) (0.006)
Nb. Children 0.039 0.035 0.031 0.011 0.009 0.008

(0.003) (0.002) (0.002) (0.002) (0.002) (0.002)
Immigrant 0.079 0.083 0.084 0.003 0.003 0.001

(0.010) (0.010) (0.010) (0.009) (0.009) (0.009)
Second gen. imm. 0.039 0.039 0.040 0.002 0.001 0.004

(0.007) (0.007) (0.006) (0.006) (0.006) (0.006)

Language: French 0.021 0.018 0.017 0.016 0.013 0.015
(0.010) (0.009) (0.009) (0.010) (0.009) (0.009)

Language: Other -0.085 -0.074 -0.073 -0.033 -0.036 -0.034
(0.009) (0.009) (0.009) (0.009) (0.008) (0.008)

Father: HS -0.030 -0.025 -0.025 0.000 0.002 0.002
(0.006) (0.005) (0.005) (0.005) (0.005) (0.005)

Father: Uni -0.015 -0.010 -0.008 0.009 0.013 0.009
(0.009) (0.008) (0.008) (0.008) (0.008) (0.008)

Mother: HS 0.004 0.005 0.004 -0.022 -0.019 -0.016
(0.005) (0.005) (0.005) (0.005) (0.005) (0.005)

Mother: Uni -0.059 -0.055 -0.057 -0.068 -0.065 -0.062
(0.009) (0.009) (0.009) (0.009) (0.009) (0.008)

Yrs since Uni 0.005 0.005 0.005 0.006 0.006 0.006
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

Yrs since CC 0.006 0.005 0.005 0.005 0.004 0.003
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

year 0.039 0.036 0.035 0.040 0.034 0.033
(0.001) (0.002) (0.002) (0.001) (0.002) (0.002)

constant -75.893 -70.542 -67.470 -78.295 -66.728 -63.033
(2.069) (3.316) (3.243) (1.968) (3.166) (3.053)

province yes yes yes yes yes yes
industry no yes yes no yes yes

occupation no no yes no no yes

Table 13: SLID: Impact of field of study on increasing
occupational aptitudes upon an occupation change

general verbal numerical spatial motor clerical physical

Education 0.008 0.020 -0.035 -0.012 -0.006 -0.021 -0.034
(0.015) (0.014) (0.012) (0.006) (0.004) (0.008) (0.011)

Visual and 0.045 0.041 0.012 0.014 0.026 0.026 -0.047
performing arts (0.019) (0.017) (0.015) (0.008) (0.006) (0.010) (0.014)

Humanities 0.090 0.085 0.042 -0.005 -0.009 0.024 -0.038
(0.016) (0.015) (0.013) (0.007) (0.005) (0.009) (0.013)

Social sciences 0.029 0.032 -0.005 -0.002 0.003 -0.004 -0.023
and law (0.013) (0.012) (0.010) (0.005) (0.004) (0.007) (0.010)
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Business, mangm., 0.074 0.067 0.084 0.004 -0.003 0.031 -0.047
public admin (0.008) (0.008) (0.007) (0.003) (0.002) (0.004) (0.006)

Phys and life sci., 0.042 0.052 0.069 0.056 0.011 -0.008 -0.002
technology (0.031) (0.029) (0.025) (0.013) (0.009) (0.017) (0.024)

Math, comp sci., 0.086 0.059 0.061 0.019 0.003 0.038 -0.048
information sys. (0.012) (0.011) (0.010) (0.005) (0.004) (0.007) (0.009)

Archit., engineer., -0.003 0.000 0.005 0.009 0.005 -0.005 0.019
and related (0.009) (0.008) (0.007) (0.004) (0.003) (0.005) (0.007)

Agric., natl. res., -0.023 -0.021 -0.018 -0.001 -0.005 -0.011 -0.033
conservation (0.016) (0.015) (0.013) (0.007) (0.005) (0.009) (0.012)

Health, parks, 0.014 0.023 -0.001 0.006 0.014 -0.008 0.011
rec. and fitness (0.010) (0.009) (0.008) (0.004) (0.003) (0.006) (0.008)

Personal, protect. -0.018 -0.017 -0.008 -0.004 -0.002 -0.006 0.006
and transport (0.010) (0.009) (0.008) (0.004) (0.003) (0.005) (0.008)

Female -0.016 -0.014 -0.021 -0.010 -0.001 0.010 -0.030
(0.005) (0.005) (0.004) (0.002) (0.002) (0.003) (0.004)

Bachelor’s 0.093 0.091 0.039 0.016 0.002 -0.007 -0.016
(0.008) (0.008) (0.007) (0.003) (0.002) (0.004) (0.006)

Post-Grad 0.217 0.222 0.123 0.042 0.018 -0.007 -0.042
(0.012) (0.011) (0.010) (0.005) (0.003) (0.006) (0.009)

married 0.038 0.027 0.027 0.004 -0.001 -0.001 0.022
(0.007) (0.006) (0.005) (0.003) (0.002) (0.004) (0.005)

DWS 0.007 0.003 0.008 -0.002 -0.003 -0.001 0.031
(0.009) (0.008) (0.007) (0.004) (0.003) (0.005) (0.007)

Black -0.028 -0.023 -0.017 -0.020 -0.005 0.011 -0.009
(0.018) (0.017) (0.015) (0.008) (0.005) (0.010) (0.014)

Asian -0.006 -0.032 0.032 -0.002 -0.005 0.028 -0.010
(0.011) (0.011) (0.009) (0.005) (0.003) (0.006) (0.009)

MidE -0.010 -0.009 0.021 0.046 0.041 -0.014 -0.014
(0.022) (0.021) (0.018) (0.009) (0.007) (0.012) (0.017)

Latino 0.001 0.009 -0.012 -0.016 -0.008 -0.025 0.002
(0.027) (0.025) (0.022) (0.011) (0.008) (0.015) (0.021)

Preschool 0.005 0.001 0.008 0.000 0.000 0.012 -0.011
children (yes/no) (0.008) (0.007) (0.006) (0.003) (0.002) (0.004) (0.006)

Nb. Children 0.004 0.007 0.005 0.001 0.000 0.000 0.008
(0.003) (0.003) (0.002) (0.001) (0.001) (0.002) (0.002)

Immigrant 0.019 0.018 0.003 0.015 0.013 0.006 0.003
(0.011) (0.010) (0.009) (0.005) (0.003) (0.006) (0.008)

Second gen. imm. 0.009 -0.002 0.001 0.011 0.004 0.003 0.017
(0.007) (0.007) (0.006) (0.003) (0.002) (0.004) (0.006)

Language: French 0.043 0.027 0.014 0.020 0.015 0.001 0.025
(0.011) (0.010) (0.009) (0.005) (0.003) (0.006) (0.009)

Language: Other -0.031 -0.029 -0.022 0.001 0.000 -0.006 -0.006
(0.011) (0.010) (0.009) (0.004) (0.003) (0.006) (0.008)
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Father: HS -0.004 -0.009 0.005 0.007 0.000 -0.003 -0.003
(0.006) (0.005) (0.005) (0.002) (0.002) (0.003) (0.005)

Father: Uni 0.002 -0.004 0.018 0.003 -0.006 0.006 -0.007
(0.009) (0.008) (0.007) (0.004) (0.003) (0.005) (0.007)

Mother: HS 0.018 0.021 0.018 -0.002 0.003 0.006 0.003
(0.006) (0.006) (0.005) (0.002) (0.002) (0.003) (0.005)

Mother: Uni 0.005 -0.003 0.008 -0.012 0.002 0.003 0.003
(0.009) (0.009) (0.008) (0.004) (0.003) (0.005) (0.007)

Yrs since Uni 0.001 0.001 0.001 0.000 0.000 0.001 0.000
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

Yrs since CC 0.002 0.002 0.001 0.000 0.000 0.000 -0.001
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

year 0.002 0.003 -0.001 -0.001 0.000 -0.001 0.000
(0.001) (0.001) (0.001) (0.001) (0.000) (0.001) (0.001)

constant -4.692 -5.287 1.946 1.882 0.065 1.677 -0.198
(2.459) (2.303) (2.017) (1.033) (0.737) (1.369) (1.901)

province

Table 14: SLID: Impact of field of study on increasing occupational
aptitudes upon an occupation change

ln wage ln wage ln wage wage ln wage ln wage ln wage wage
Stayer Switcher growth Stayer Switcher growth

Occh0 -0.094 0.241 -0.127 0.325
(0.005) (0.041) (0.005) (0.039)

general 0.126 0.115 0.154 0.059 0.234 0.233 0.241 0.203
(0.006) (0.007) (0.013) (0.031) (0.007) (0.008) (0.016) (0.035)

verbal 0.070 0.070 0.076 0.180 0.072 0.081 0.045 0.151
(0.006) (0.007) (0.012) (0.028) (0.007) (0.008) (0.015) (0.031)

numerical 0.053 0.057 0.044 0.068 -0.005 -0.004 -0.007 -0.001
(0.005) (0.006) (0.010) (0.023) (0.005) (0.005) (0.009) (0.022)

spatial 0.013 0.025 -0.024 0.057 0.029 0.032 0.022 0.013
(0.005) (0.006) (0.011) (0.023) (0.005) (0.006) (0.012) (0.026)

motor 0.019 0.014 0.026 -0.053 0.025 0.037 -0.018 0.145
(0.006) (0.007) (0.013) (0.028) (0.006) (0.007) (0.013) (0.031)

clerical -0.017 -0.016 -0.032 -0.057 0.022 0.022 0.018 -0.041
(0.004) (0.005) (0.009) (0.021) (0.004) (0.005) (0.009) (0.020)

physical 0.023 0.017 0.038 0.032 0.028 0.028 0.032 -0.033
(0.003) (0.004) (0.007) (0.016) (0.003) (0.004) (0.007) (0.016)

Education 0.039 0.060 0.001 0.139 0.068 0.064 0.069 0.314
(0.016) (0.018) (0.036) (0.076) (0.011) (0.012) (0.025) (0.050)

Visual and -0.019 0.015 -0.064 -0.031 -0.039 -0.054 0.006 0.065
performing arts (0.023) (0.029) (0.040) (0.125) (0.018) (0.023) (0.033) (0.095)

Humanities -0.103 -0.128 -0.007 0.123 0.014 0.010 0.008 0.143
(0.017) (0.019) (0.036) (0.078) (0.014) (0.016) (0.026) (0.064)

Social sciences 0.082 0.077 0.094 0.195 0.048 0.033 0.079 0.122
and law (0.014) (0.017) (0.028) (0.068) (0.010) (0.011) (0.020) (0.048)

Business, mangm., 0.130 0.140 0.104 0.290 0.119 0.102 0.151 0.104
public admin (0.008) (0.010) (0.017) (0.039) (0.007) (0.008) (0.014) (0.034)

Phys and life sci., 0.020 0.009 0.084 0.259 0.133 0.128 0.148 0.049
technology (0.025) (0.028) (0.052) (0.122) (0.021) (0.023) (0.053) (0.099)

Math, comp sci., 0.095 0.099 0.085 0.123 0.106 0.095 0.119 0.053
information sys. (0.011) (0.012) (0.023) (0.050) (0.009) (0.010) (0.022) (0.044)

Archit., engineer., 0.050 0.053 0.047 0.095 0.044 0.032 0.070 0.103
and related (0.008) (0.009) (0.015) (0.039) (0.010) (0.012) (0.020) (0.049)

Agric., natl. res., -0.003 0.025 -0.073 -0.002 -0.069 -0.120 0.012 -0.185
conservation (0.015) (0.018) (0.029) (0.075) (0.017) (0.021) (0.031) (0.087)

Health, parks, 0.032 0.059 -0.016 0.086 0.096 0.085 0.116 0.081
rec. and fitness (0.012) (0.013) (0.023) (0.057) (0.008) (0.009) (0.016) (0.037)
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Personal, protect. 0.042 0.054 0.017 0.103 -0.014 -0.016 -0.007 0.130
and transport (0.009) (0.011) (0.017) (0.045) (0.011) (0.013) (0.020) (0.055)

Bachelor’s 0.123 0.098 0.177 0.179 0.145 0.130 0.176 0.143
(0.009) (0.010) (0.017) (0.041) (0.007) (0.008) (0.014) (0.033)

Post-Grad 0.215 0.179 0.315 0.305 0.249 0.230 0.292 0.279
(0.011) (0.013) (0.025) (0.050) (0.010) (0.011) (0.022) (0.047)

married 0.260 0.235 0.303 0.181 0.126 0.096 0.172 0.082
(0.006) (0.008) (0.013) (0.031) (0.006) (0.007) (0.012) (0.029)

DWS 0.265 0.253 0.274 0.055 0.144 0.126 0.151 0.000
(0.009) (0.011) (0.018) (0.046) (0.008) (0.009) (0.016) (0.036)

Black -0.157 -0.149 -0.179 0.080 -0.076 -0.098 -0.006 0.053
(0.017) (0.020) (0.034) (0.082) (0.017) (0.021) (0.032) (0.091)

Asian -0.171 -0.203 -0.106 -0.210 -0.049 -0.066 -0.003 0.127
(0.011) (0.012) (0.021) (0.052) (0.011) (0.012) (0.021) (0.052)

MidE -0.154 -0.165 -0.132 -0.102 -0.146 -0.163 -0.138 0.017
(0.023) (0.026) (0.047) (0.111) (0.023) (0.027) (0.045) (0.114)

Latino -0.154 -0.232 -0.023 -0.114 -0.131 -0.193 0.015 0.074
(0.026) (0.032) (0.047) (0.119) (0.026) (0.030) (0.053) (0.129)

Preschool -0.056 -0.067 -0.024 -0.076 -0.019 -0.018 -0.029 -0.003
children (yes/no) (0.007) (0.008) (0.015) (0.031) (0.007) (0.007) (0.014) (0.031)

Nb. Children 0.037 0.038 0.034 0.040 0.010 0.008 0.017 0.020
(0.003) (0.003) (0.006) (0.012) (0.002) (0.003) (0.005) (0.011)

Immigrant 0.077 0.095 0.012 -0.007 0.000 0.008 -0.027 -0.096
(0.010) (0.011) (0.022) (0.048) (0.009) (0.010) (0.020) (0.044)

Second gen. imm. 0.036 0.032 0.044 0.009 0.003 0.007 -0.008 0.022
(0.007) (0.008) (0.014) (0.032) (0.006) (0.007) (0.013) (0.029)

Language: French 0.021 0.023 0.012 0.175 0.017 0.017 0.021 0.015
(0.010) (0.011) (0.020) (0.046) (0.010) (0.011) (0.021) (0.044)

Language: Other -0.083 -0.092 -0.040 -0.020 -0.030 -0.036 -0.020 -0.079
(0.009) (0.011) (0.021) (0.044) (0.009) (0.010) (0.019) (0.042)

Father: HS -0.029 -0.023 -0.038 0.041 0.003 -0.009 0.036 0.041
(0.005) (0.006) (0.011) (0.026) (0.005) (0.006) (0.011) (0.024)

Father: Uni -0.016 0.002 -0.050 -0.070 0.016 0.023 0.017 0.016
(0.009) (0.010) (0.017) (0.040) (0.008) (0.010) (0.016) (0.039)

Mother: HS 0.006 0.006 0.007 0.019 -0.019 -0.017 -0.022 0.021
(0.005) (0.006) (0.011) (0.025) (0.005) (0.006) (0.011) (0.024)

Mother: Uni -0.055 -0.052 -0.054 -0.029 -0.062 -0.064 -0.051 0.183
(0.009) (0.011) (0.018) (0.046) (0.009) (0.010) (0.017) (0.042)

Yrs since Uni 0.004 0.005 0.003 -0.004 0.006 0.006 0.007 0.005
(0.000) (0.000) (0.001) (0.002) (0.000) (0.000) (0.001) (0.002)

Yrs since CC 0.005 0.005 0.006 -0.001 0.004 0.004 0.006 0.000
(0.000) (0.000) (0.001) (0.001) (0.000) (0.000) (0.001) (0.001)

year 0.039 0.037 0.044 0.032 0.039 0.037 0.047 0.044
(0.001) (0.001) (0.002) (0.006) (0.001) (0.001) (0.002) (0.005)

constant -76.144 -72.964 -86.975 -64.515 -77.198 -71.669 -91.752 -88.899
(2.058) (2.368) (4.130) (11.538) (1.948) (2.192) (4.145) (10.662)

province
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Table 15: NHS: Incidence of CIP field of study match
1 2 3 4

Education 0.196 0.207 0.216 0.209
(0.015) (0.014) (0.014) (0.015)

VisualArts 0.170 0.157 0.154 0.168
(0.015) (0.014) (0.014) (0.015)

Humanities 0.062 0.053 0.053 0.061
(0.015) (0.014) (0.014) (0.015)

SocialSci 0.157 0.155 0.152 0.145
(0.015) (0.014) (0.014) (0.015)

Business 0.545 0.514 0.521 0.529
(0.015) (0.014) (0.014) (0.015)

PhysSci 0.043 -0.005 -0.006 0.027
(0.015) (0.014) (0.014) (0.015)

MathComp 0.140 0.099 0.105 0.115
(0.015) (0.014) (0.014) (0.015)

ArchiEnginr 0.382 0.336 0.341 0.355
(0.015) (0.014) (0.014) (0.015)

AgriNatRes 0.071 0.046 0.047 0.069
(0.015) (0.014) (0.015) (0.015)

HealthParks 0.577 0.400 0.412 0.538
(0.015) (0.014) (0.014) (0.015)

ProtectTrans 0.088 0.079 0.087 0.085
(0.015) (0.014) (0.015) (0.015)

sex 0.006 0.003 0.009 0.004
(0.000) (0.000) (0.000) (0.000)

Trades -0.030 0.004 -0.025 -0.001
(0.001) (0.001) (0.001) (0.001)

College -0.014 0.008 -0.009 0.004
(0.000) (0.000) (0.000) (0.001)

Master 0.002 -0.001 0.001 -0.002
(0.001) (0.001) (0.001) (0.001)

PhD 0.014 0.015 0.019 0.003
(0.002) (0.002) (0.002) (0.002)

const 0.004 0.118 -0.021 -0.060
(0.015) (262.752) (0.015) (0.015)

Province Yes Yes Yes Yes
Industry No Yes Yes Yes

Occupation No 47 ctg 10 ctg 5 ctg

44



Table 16: Effect of match on employment
employed participation weeks

EMatchCIP 0.022 0.012 0.995
(0.001) (0.001) (0.046)

overQ -0.010 -0.004 -1.320
(0.001) (0.000) (0.027)

underQ 0.003 0.000 0.587
(0.001) (0.001) (0.030)

College 0.009 0.001 0.584
(0.001) (0.001) (0.039)

UNI 0.018 0.003 1.234
(0.001) (0.001) (0.043)

Postgrad 0.022 0.007 0.781
(0.001) (0.001) (0.046)

Table 17: Effect of match on income
1 2 3 4

overQ -0.424 0.030 -0.121 -0.333
(0.001) (0.002) (0.003) (0.002)

underQ 0.202 -0.273 -0.102 0.170
(0.002) (0.001) (0.003) (0.003)

FieldMatch 0.339
(0.004)

A Professionals 0.002 -0.039
(0.002) (0.002)

B College or apprenticeship.. -0.435 -0.303
(0.002) (0.003)

C High school or job-specif.. -0.757 -0.512
(0.002) (0.004)

D On-the-job training -1.147 -0.801
(0.003) (0.005)

HS 0.355 0.156
(0.002) (0.003)

Trades 0.582 0.174
(0.003) (0.004)

College 0.691 0.283 0.155
(0.002) (0.004) (0.003)

UNI 1.058 0.412 0.565
(0.003) (0.005) (0.004)

Postgrad 1.148 0.492 0.643
(0.003) (0.005) (0.004)
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